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Abstract

The work of more than 50 years aimed at gaining empirical insight into the production
structure of agriculture and the related modes of farmers’ behavior is reviewed, and
orders of magnitude of the various parameters of interest are quoted. The review follows
the lines of the evolution of the pertinent research, and it builds on it in forming a
general framework for empirical work. This approach broadens the scope of producers’
decisions to include the choice of the implemented technology and it also overcomes
statistical problems that have accompanied the relevant research for a long time.

JEL classification: Q11
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Technology along with the competitive conditions constitute the core of the supply side
of the economy. There is hardly a subject in economics that can be discussed with pro-
duction sitting in the balcony rather than playing center stage. To mention the main
favorable subjects in agricultural economics research: product supply, factor demand,
technical change, income distribution, the relationships between factor prices and prod-
uct prices, the competitive position of agriculture, returns to scale, the size distribution
of firms, and capital accumulation. The nature of the relationships and the conclusions
derived in any particular analysis depend on the order of magnitude of the parameters
in question. Hence, whether we want it or not, the empirical analysis of technology and
its changes is of cardinal importance, and measurement problems are pertinent even if
on the surface it seems that the subject matter is not ‘technical’.

In this review, we deal with the various aspects of the analysis. As will become clear,
much of the discussion in the literature is methodology driven, not always accompanied
by substantive applications. Inasmuch as methodological innovations are desirable, the
question is how do they help us to think of, or deal with, specific issues of interest.
This is a question that the reader should try to answer for himself, depending on his
particular interest. To assist in this endeavor, we summarize here the empirical findings
that bear on the main parameters of interest and address some important methodological
issues essential to the interpretation of empirical studies and to future research. In many
cases, the empirical results display a wide range and thus highlight the need for an
appropriate framework for their evaluation. The choice of subjects and the coverage in
the discussion are carried out with the purpose of constructing a uniform framework to
meet the purpose. This is built on the cumulative experience and contributions provided
by numerous studies and on the evolution of the thinking that is so valuable in the
reading and the interpretation of the data. To emphasize this aspect, the subjects are
introduced largely in an order that highlights this evolution.

There are two fairly distinct periods in the study of agricultural production functions:
before and after duality. The changing of the guard was in the early 1970s, although
a few studies employing direct estimation continue to appear after 1970. The appear-
ance of duality changed not only the method of estimation but also the questions asked
to the extent that there is little continuity in the subjects of interest. This can be ac-
counted for by the fact that much of the work is methodology-driven rather than being
an indication that the old questions had been adequately answered or of any explicit
agenda.

1. Primal estimates or the Cobb~Douglas culture
1.1. The setting of the agenda
It seems that the empirical work on agricultural production functions originated in a

methodological paper by Tintner (1944) and an application by Tintner and Brownlee
(1944), which appeared as a short paper in the Notes section of the Journal of Farm
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Economics and was followed by a full size paper by Heady (1946). This work was
influenced by the work of Cobb and Douglas (1928).! It thus took about fifteen years to
adopt the work of Cobb and Douglas in agricultural economics application.

These studies used data from a random sample of Iowa farms for 1939. The data were
classified by area of the state, type, and also size of farm. The inputs included were land,
labor, equipment, livestock and feed, and miscellaneous operating expense, a classifi-
cation that is still applicable today. Interestingly, this early work anticipated some of
the more difficult subjects in the empirical work of production functions. Management
was recognized as an input, but “[t]he productive agent management has been excluded
since there is no satisfactory index of inputs for this factor” [Tintner and Brownlee
(1944, p. 566)]. Allusions were also made to the importance of input quality.> Heady
(1946) expressed similar concerns about the quality issue and the omission of man-
agement.®> Also, based on the criticism of the Cobb-Douglas work that appeared at
that time by Reder (1943), Bronfenbrenner (1944), and Marschak and Andrews (1944),
Heady (1946) noted that “[t]he functions which have been derived ... are of the inter-
firm rather than intrafarm variety ... it can be expected that a multitude of functions
exists ... because of the varying combinations of techniques employed and commodi-
ties produced” (p. 999). This is a recognition of the problems caused by aggregation
over techniques. Similarly, Smith (1945) observed that firms in cross section may em-
ploy different techniques, particularly due to fixed plants inherited from the past, and the
long-run production functions so derived may represent “mongrels” or hybrids. Aside
from the question of input quality, Bronfenbrenner (1944) raised the point that capital
and labor are not on the same footing because labor is a flow (“quantity used”), whereas
capital is a stock (representing the “available quantity”). This can be interpreted as an
early recognition of the conceptual problem of the evaluatlon of the productivity of
durable inputs.

These studies were concerned with the contribution of inputs to output variations and
with a comparison of the factor productivity on different farm types and the relationship
to their returns. The estimated production elasticities reported by Tintner and Brownlee
(1944) for the sample as a whole are: land, 0.34; labor, 0.24; and other assets and vari-
able inputs, 0.41. The sum is 0.99. Heady used a larger sample and a somewhat different
classification of inputs to obtain for the sample as a whole: land, 0.23; labor, 0.03; and
other assets and variable inputs, 0.59. The sum is 0.85.

ba regression equation linear in the logarithms “[is] similar to the production function employed by Paul

Douglas in his empirical studies” [Tintner and Brownlee (1944, p. 567)). On the history of the Cobb-Douglas
production function, see [Douglas (1976)].

2 “Using the number of acres in the farms as a measure of inputs of land ignores variations in the quality of
land. Measuring inputs of labor in terms of months of labor also ignores variations in the quality and intensity
of labor, particularly that of operator and his family” [Tintner and Brownlee (1944, p. 566)].

3 At the time the issue of management bias was unrecognized, therefore both papers speculated that had
management been included, the sum of the elasticities, as a measure of returns to scale, would have increased
[Tintner and Brownlee (1944, p. 569), Heady (1946, p. 995)]. However, Heady also indicates that the surn of
the elasticities might have decreased due to the introduction of management (Ibid., p. 997).
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Several points are of interest. First, these studies were prompted by a methodological
innovation introduced by Cobb and Douglas (1928). Yet, their orientation is applicative
in nature, and they address substantive issues related to the efficient use of inputs. Sec-
ond, sampling from the same data source yields different elasticities. The sum of the
elasticities of labor and land vary between 0.58 and 0.25 in the two studies respectively.
This difference suggests sensitivity of the estimates to output composition and perhaps
differences in the physical environment. Third, the sum of the elasticities is smaller
than 1.

The approach formulated by the foregoing studies served as a framework for the
production function estimation for more than two decades, where attention was focused
on the following issues: the contribution of the various factors to the explanation of
output variations in the cross section or over time, the production elasticities and their
significance, the robustness of the estimates, the role of economies of scale, as judged
by the sum of the elasticities, the importance of the quality of inputs, the treatment
of management and its relations to the properties of the estimates, the functional forms,
and the role of technical change. The data base of these studies varied from observations
on individual farms to cross-country comparisons.

The question of efficient use of inputs is the objective of many studies.* Lack of ro-
bustness of empirical results was raised by Hildebrand (1960) who found that annual
cross-section regressions are not robust and any hypothesis can be supported by some
results. Lack of robustness is also evident in some other studies that present more than
one set of results. Heady and Dillon (1961, Chapter 17) review and summarize 32 stud-
ies in various countries based on farm data. The mean elasticities and their coefficient of
variation (in parentheses) are: land 0.38 (0.58), labor 0.21 (0.80), and “other services”
0.39 (0.59). In all these studies the sum of all the elasticities is near 1. The magnitude
of the coefficient of variation indicates a wide spread in the results among the studies.
They compare their results with those obtained in the pioneering cross-country study by
Bhattacharjee (1955) and with assumptions made in the literature.> All of this indicates
an effort to get a definitive substantive solution. But as this target was realized to be
elusive, they concluded that “[s]till, the variations shown among the elasticities of Table
17.14 bear witness to the dangers associated with the use of any such global production
function” [Heady and Dillon (1961, p. 633)].% The discussion is then shifted to the ex-
amination of the efficiency of the resource use. For instance, their Table 17.17 presents
a ratio of the marginal productivity of labor to its opportunity cost with values varying
between 2.84 observed in Taiwan to negative values obtained in dairy farming in Swe-
den. The median value of this ratio is 0.67. They present similar calculations for land

4 See, for instance, Hopper (1965), Chennareddy (1967), Sahota (1968), and Herdt (1971) for India;
Yotopoulos (1967) for Greece; Huang (1971) for Malaya; and Headley (1968) for the US.

5 Bhattacharjee (1955, regression 4) reports elasticities of 0.36 and 0.3 for land and labor respectively.

6 Clark (1973) assembles many results of factor shares in an informal framework but with good international
coverage. It is very clear that the estimates depend on the economic environment which is a major theme of
our discussion.
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and capital services, but these are more problematic for conceptual reasons which need
not be discussed at this point. To get a view of the diversity of the results, the reader is
advised to check some of the country studies based on the primal approach.’

In 1944 Marschak and Andrews pointed out that the inputs are endogenous, and
therefore Ordinary Least Squares (OLS) estimates of the production function are bi-
ased. Their paper extended the scope of the analysis by introducing issues related to the
statistical properties of the estimates. Their work and Haavelmo’s (1947) work on the
consumption function were early examples of the problems of simultaneity in economic
analysis and thus revived the question that had been asked by Working (1927) about the
meaning of statistical demand equations. That opened up a route of work centered on
methodological issues with a life of its own.®

The simultaneity problem in the estimation of production functions was overcome
by the factor share estimator proposed by Klein (1953) and applied by Wolfson (1958).
This estimator is based on the assumption that firms always employ all their inputs so
as to satisfy the first order conditions for profit maximization given the current ex post
prices. As such, the factor share estimator is subject to a major conceptual difficulty in
that it cannot answer the original question of Cobb and Douglas about the empirical rel-
evance of the competitive conditions because they are imposed in the derivation of the
estimator.” Although this is seldom explicitly recognized, or acknowledged, all the esti-
mators that use the first order conditions for profit maximization — and to be sure, these
include the estimators based on duality as well as on the axioms of revealed preferences
—use the very same property and thus are subject to the same limitation.

A different line of attack on the simultaneity problem was taken by Mundlak (1961)
and Hoch (1962) through the use of covariance analysis.!” Applying this method to
a sample of family farms in Israel gave lower estimates for the elasticities compared

7 For instance, in addition to the studies mentioned in footnote 5, US: Tintner and Brownlee (1944), Heady
(1946), Hildebrand (1960), Griliches (1963a, 1963b, 1964), Kislev (1966), Tweeten and Quance (1969),
Kislev and Peterson (1996); India: Lau and Yotopoulos (1972); Israel: Mundlak (1961), Sadan (1968); Mex-
ico: Ulveling and Fletcher (1970); Colombia: Colyer and Jimenez (1971); Taiwan: Yotopoulos, Lau, and
Lin (1976), Shih, Hushak, and Rask (1977), Wu (1977); Thailand: Mittelhammer, Young, Tasanasanta, and
Donnelly (1980).

8 The early work on production functions, up to the early 1960s, is surveyed by Walters (1963).

9 I found the following statement by Clark (1973, fn 8, p. 21) to be interesting: “Douglas told me that when
the function was first prepared in the 1920s, he was expecting it to show that wages then actually received
by labour were considerably below its true marginal product; and was surprised to find that they were in fact
extremely close to the level predicted by the function”.

10 Hoch (1958) examined a solution to the simultaneity problem based on identification through the second
moments of the equations disturbances. There is no reference in the literature to an empirical application
of this method, perhaps for a good reason because, as indicated by Mundlak and Hoch (1965), it is very
sensitive to the specification and in the case of a likely specification error can have an unbounded bias. In
another paper, Hoch (1955) suggested the use of covariance analysis. However, the method was not discussed
in connection with the simultaneity problem. This is probably the reason that covariance analysis was not
mentioned in [Hoch (1958)], which deals head-on with that problem. It is only in [Hoch (1962)] that the
covariance analysis is seen as a solution to the simultaneity problem.
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to OLS without allowance for firm effect, and their sum declined from roughly 1 to
roughly 0.8. Mundlak (1961) interpreted the difference between 1 and the sum of the
elasticities as the factor share of management.!! The method was also used to estimate
the managerial capacity and its empirical distribution in [Mundlak (1964a)]. Another
substantive result of that study is an elasticity of land near zero. The farms in the sample
are very small, and on the surface one would have expected a higher elasticity for land.
However, a low elasticity for land is indicative of low profitability of agriculture. This
interpretation is supported by the fact that a negligible elasticity for land in Israel was
also obtained for a sample of large farms (kibbutzim) in [Sadan (1968)], so the resuit is
unrelated to farm size.

The observations made so far are:

0.1 The estimates are not robust.

0.2 Often, results show a gap between marginal productivity and real factor prices.

0.3 Specifically, there is a difference between estimates based on inter and intrafarm

observations.

0.4 Firms use different techniques.

0.5 Input quality is not addressed.

0.6 A lack of clarity on whether to use stock or flow variables.

0.7 Inputs are endogenous, and therefore OLS estimates are inconsistent.

0.8 It is possible to overcome the problem of inconsistency.

0.9 A need to further explore the role and scope of factor-share estimates.

1.2. A simple production model

The initial discussion can be conducted in terms of a single-input Cobb-Douglas pro-
duction function

Y = AxP emotuo, (1)

where my is the firm effect, or management, a firm-specific factor known to the firm but
not to the econometrician (private information), and u¢ is a random term whose value is
not known at the time the production decisions are made. The conditional expectation
of output, given the input, of firm i is'?

Y¢ =E(Y|x,) = AXP ™0, )

11 Other sources of farm-specific effects are differences in land quality, micro-climate, and so on. However,
the emphasis has been placed on management. The firm effect is observed not only in production functions
estimated from farm data; it is also a common phenomenon in cross-section analysis of manufacturing data.
Thus, it seems that differences due to farming environment are not the main reason for the firm effects.

12 Note that E(e"0) = (1 + 03,/2); 04, = E(u3). This term is ignored in (2).
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At this stage we assume that the price is known, and the firm chooses the input so as to
maximize the expected profit:

rr}(axne(XIW,p,,-) =PY’ - WX;, G)

i

where P and W are the product and input prices respectively. The first order condition
is met up to the stochastic terms m; and u;

w
BAXP! = ?em“’”‘, @)

where m | is known to the firm but not to the econometrician, and u{ is a transitory com-
ponent. The term m reflects the firm’s expectation formation and its utility function. In
what follows, we will deal with real prices, so that W is the wage in output units, and
P is the product price in input units.

We write Equations (2) and (4) in logarithms, with the variables measured as devia-
tions from their overall mean, and introduce time notations:

Yir — Xitp = mo; + Uoiz, (%)

Yir = Xir = Wiy + m1; + Ulir + Uoir- (6)
When prices are exogenous the reduced form for x (note that p = —w) is

Xig = —c(pis +uri +my —mo); c=(1-p)"" (7)

The four error components are assumed to be IID with the following first two moments:
ujir ~(0,05;); mji~(u;,75); j=0,1, 8)

where o = 0 and | is unrestricted. The expected value of all cross products of the
error components is zero.'?

Several of the observations made above are related to the endogeneity of the input.
Equation (7) shows that the input is a function of the firm effect, mq;, which is also
part of the production function shock, and therefore the input is not exogenous. The
bias caused by this dependence contributes to the lack of robustness. Specifically, it
contributes to the differences between intra and interfirm estimates (0.3). Also, when
biased coefficients are used to test the efficiency of resource use, an erroneous conclu-
sion of an inefficient use of resources (0.2) might be reached even when the firms use
resources efficiently, or conversely.

13 Shocks that affect all firms generate time effects that can be treated in the same way as the firm effect. The
extension to include time effects is straightforward and need not be reviewed here (see [Mundlak (1963a)]).
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Several approaches are offered to overcome the problem of input endogeneity (0.7).
When the sample consists of panel data, covariance analysis transforms the variables
to deviations from the firm mean, and thereby the firm effect is eliminated from Equa-
tion (7). Let the sample average over the time observations be x;; then Equation (7) is
transformed to

Xip — Xi, = —c(pir — pi. +Urir — U1i.), )

and it is seen that the firm effect has disappeared. The estimator is referred to as a
“within” estimator (because it is based on within-firm variations).

An alternative approach is to use the price as an instrumental variable for estimating
Equation (5). This is basically the dual approach to estimation, to be discussed below.
This estimator is likely to be less efficient than the covariance estimator because it does
not use all the pertinent information [Mundlak (1996a)]. This can be seen intuitively
from Equation (7). The variability of the input in the sample is generated by four com-
ponents: p;;, u1ir, Mm1;, and mg;. The last term causes the bias and should be eliminated,
whereas the other three terms provide the information for the estimation. Hence, the
most efficient procedure would be to use the first three components as instrumental
variables. However, this cannot be done directly because, of the three variables, only p
is observed. The within estimator uses the within-firm variations of p and u, as instru-
ments, whereas the dual estimator uses as an instrumental variable the total variations
of p but does not utilize the information in u. The point is that any variability of input,
regardless of whether or not it is consistent with the first order condition for profit max-
imization, generates points on the production function and therefore helps to trace it, or
more technically, helps to identify the production function.

The use of price as an instrument is subject to some limitations. If the sample consists
of competitive firms, the between variability of the prices should be nil. If the sample
consists of market (rather than micro) data, then the prices are not necessarily exoge-
nous and therefore cannot be used as instrumental variables. In any case, it is possible to
combine the two estimators by using the within-input variable and the price as two in-
strumental variables. Other possible modifications are suggested in [Mundlak (1996a)].
However, all these have not been tried out. The empirical experience is limited to the
‘within’ and the dual estimators. Some of the results with respect to the ‘within’ es-
timator have been mentioned above, whereas the empirical experience with the dual
estimator will be discussed below.

The factor-share estimator imposes the first order conditions for profit maximization,
in which case the factor share is equal to the production elasticity, 8, up to a stochastic
term. Using Equation (6) it is easy to see that this estimator is inconsistent.

An important issue in the empirical investigation is whether the function displays
constant returns to scale (CRT). If it does, in the case of the single-input function, g
is equal to 1, and there is nothing to estimate. Thus the problem is more pertinent to
the more realistic case with more than one input. To see this, assume now that there
are k inputs. In this case, the model consists of Equation (5) where x and 8 will be
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k-vectors and k-equations of the form of (6) [Cavallo (1976)]. Note that the difference
of the first-order conditions for any two inputs, say 1 and 2, is free of mg and of ug

X)— X1 =wy — W[ +uy—u+my—mj. (10)

Therefore, x; — x; can serve as an instrumental variable. Note that this variable contains
all the pertinent information related to the two inputs. There are k — 1 such instruments,
and there is a need for one more instrument to complete the estimation of the system.
The assumption of CRT is a good candidate. In this case, a Cobb—Douglas function
where the variables are divided by one of the inputs is free of simultaneous-equations
bias.

1.3. Productivity

To understand some of the subsequent literature we turn to another direction of inquiry,
that of measuring factor productivity, that was taking place at the same time. The most
influential work in agriculture was that of T.W. Schultz (1953). He noted that in the
period 1910-1950 agricultural production rose by about 75 percent due to a change in
inputs and in technology. The change in inputs was instigated by price change, with
labor becoming more expensive and therefore replaced by machines.'* The importance
of inputs is measured by their factor shares: “Land and labor are ... very important in
farming, with labor representing 46 percent and agricultural land 24 percent of all inputs
used in agriculture in 1910-1914” (p. 100).

He then goes on to discuss the aggregation of inputs and to derive a measure of the
overall increase in productivity by comparing the relative changes in output and input.
He notices that the results are sensitive to the price weights and the period of analysis.
The rise in the annual average productivity for the period as a whole with end of period
prices is 1.35 percent, and with beginning of period prices is 0.8 percent.

Where does the technical change come from? Schultz (1953, p. 110) considered three
hypotheses:

(1) Discoveries of new techniques are by-products of scientific curiosity and as such

are unpredictable.

(2) The level of scientific activity reflects cultural and institutional values rather than
the value of its fruits, and thus, the development of new techniques is not induced
by market conditions.

(3) Science is supported by society because of its potential material contribution.

There is room for all three, but the gold medal is given to the last one. “Therefore,
a new technique is simply a particular kind of input and the economies underlying the

14 “Although new production techniques have been many and important, substitution among inputs is clearly
evident and it is consistent with changes that have occurred in the relative prices of inputs . .. labor has been
withdrawn while other, cheaper inputs have been added” [Schultz (1953, p. 103)]. “United States agriculture
has become increasingly dependent on inputs which are acquired from the nonfarm sector” (Ibid., p. 104).
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supply and use are in principle the same as that of any other type of input. We do not
wish to imply that every human activity entering into the development of new techniques
can be explained wholly by considerations of cost and revenue; our belief simply is that
a large part of the modern process of technological research from “pure” science to
successful practice can be explained by economic analysis” [Schultz (1953, p. 110-
111)]. This is the notion of induced innovation. However, “[w]e need also to explain
the rate at which farmers adopt new techniques. Clearly, the mere availability of such
techniques is no assurance that they will be applied in farming. The process by which
farmers take on new techniques, as one would expect, is strongly motivated by economic
considerations and yet very little is known about this process” (Ibid., p. 114). Although
uncertainty about the new technique is important, Schultz views the new technique as a
new input and suggests that the standard economic analysis be applied in the analysis
of its adoption. He also recognizes the importance of credit rationing for agricultural
markets. This view of technological change is related to the notion of implementation
of technology discussed below.

This discussion by Schultz amplifies themes already mentioned above and puts on the
agenda new ones, particularly the use of factor shares to measure the relative importance
of inputs, the need to differentiate between the change in productivity due to a change
in inputs and the change in technology, that the change in inputs takes place in response
to changes in factor prices, and that the changes in the quality of inputs has to be taken
into account in measuring factor prices. To sum up Schultz’s additional observations,

0.10 Part of the change in technology is unpredictable.

0.11 Not all of what is known (in terms of technology) is actually implemented.

These are all key themes for understanding the subsequent work. To assist the discus-
sion on the measurement of productivity, we write the production function as

Y(t)=F[A1(O)X1(0), ..., Ak X (), 1], (11)

where the A’s are factor-augmenting functions or, not independently, quality indexes.
Differentiate the function logarithmically, using a generic notation, dInx /dt = %,

Y(0) = [o1) (A1) + X1(0) + - + ok (A () + X)) ] + 7 (0)
= [aggregate input] + 7 (¢}, (12)

where the w’s are weights and 7 is the relative change in the total factor productivity or
the ‘residual’. In estimation, the A’s should be included as variables in the analysis to
avoid specification error.

All productivity measures are based on a comparison of changes in aggregate out-
put with changes in aggregate input. The change in the aggregate input should measure
changes in quantity that take place under constant technology. That is, the quality vari-
ables should be uncorrelated with the residual z(z). If they are correlated, the empirical
production function is a locus of points that are generated by more than one function.
To illustrate, the work of children in ditch digging is not as productive as that of adults.
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Therefore, adjusting the labor input by assigning different coefficients by age or gender
will give a more meaningful measure of the labor input. Another example is the measure
of fertilizers by their nutrient content. But most of the quality adjustments are of a dif-
ferent nature. A good example is the adjustment of the labor input for education where a
measure of schooling multiplies the physical labor input to yield quality-adjusted labor
input, measured by the total years of schooling. What is the meaning of this adjust-
ment? If the task is digging ditches, education, at best, should not make a difference.
But if there are alternatives to digging by hand, education can make a difference in the
profitability of implementing these alternatives. Generalizing, an increase in the level
of education, other things equal, is expected to increase the use of more advanced tech-
niques. Thus, in this case technology is not held constant; education is a carrier of a
technical change and should be treated as such. We return to this subject when we dis-
cuss the results of cross-country estimates of the production function. One implication
of this distinction is that the measure of returns to scale should not include the effect
of ‘quality’ variables that represent technology. There is no general agreement on this
approach, and for alternatives see, for instance, Griliches and Jorgenson (1966).

The aggregation weights can be based on market values leading to factor shares, as
done by Ruttan (1956) and Solow (1957), or by production elasticities derived from
empirical production functions. Note that in the case of a Cobb-Douglas production
function these elasticities are constant. Otherwise, they vary over the sample as do the
factor shares, and the results vary accordingly.

Much of the work on measures of productivity change uses elasticities derived from
empirical production functions. Griliches (1963a) deals directly with the effect of input
quality on the measurement of productivity and, not independently, on the empirical
production function. He argued for the use of the empirical production function to pro-
vide the weights for the aggregation of inputs. To this end, he fitted a Cobb-Douglas
function to data for the 68 USDA regions in the US in 1949. The emphasis is on the
role of education and economies of scale in accounting for productivity changes. He
obtained a sum of elasticities of 1.36 from a regression without education and 1.35
with education included. Thus, the education was not the source for the sum of elastic-
ities to exceed 1, which was taken as evidence of economies of scale. This result was
incorporated in the analysis of sources of productivity growth, with the assertion that
... changes in output are attributable to changes in the quantities and gualities of in-
puts, and to economies of scale, rather than to ‘technical change’ ” (Ibid., p. 332; italics
by YM). “This procedure led to an almost complete accounting for the sources of output
growth in the United States agriculture during 1940-60 leaving no ‘unexplained’ resid-
uval to be identified with unidentified ‘Technical changes’ ” (Ibid., p. 333). The essence
of that discussion is the belief that if the analysis is carried out with care, there should
be no unexplained residual left.'

15 This view was also repeated in [Griliches (1964)] where the empirical analysis was extended to cover 1954
and 1959. “[I]t is possible to account for all of the observed growth in agricultural output without invoking
the unexplained concept of (residual) technical change” (p. 970).
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There was some discomfort with the estimates, but nevertheless, those were preferred
to factor shares because, relying on Schultz, the agricultural sector was perceived to be
in a continuous disequilibrium.'® As the empirical results show, education is important,
the elasticities differ from factor shares, and the sum of elasticities was larger than 1.
Therefore, “[t]hese findings, particularly the last two, if accepted, will account for a sub-
stantial fraction of the conventionally measured productivity increases” (Ibid., p. 336).
In passing, one can question the meaning and the usefulness of the concept of equilib-
rium used to describe agriculture if it is thought to be in a continuous disequilibrium.
Basically, it reflects an application of the concept of static equilibrium to a dynamic
process. The two are not the same. We shall return to this below.

Aside from the question of the residual, can the above results be taken as indicative
of economies of scale? There are two issues to be considered. First, internal economies
of scale is a concept related to the cost structure of a firm and cannot be measured
from regional aggregates. There are many farms of different size, and hence there is
nothing in the structure of agriculture that suggests economies of scale. The optimal
size depends on the technology used and the level of management of the firm. Changes
in technology affect the optimal size, but this change in size is the result of the technical
change. Second, there is a statistical aspect. Note that the regressions that produce a
sum of elasticities larger than 1 are strictly cross-section, and hence they are subject
to a bias caused by the correlation between the unobserved regional productivity level
and the inputs, similar to the management bias in the analysis based on firm data. This
view was taken by Kislev (1966) who analyzed data of 3,000 US districts for 1949
and 1959. To account for the unobserved regional productivity he introduced regional
dummies (68 regions), and as a result the sum of elasticities declined from 1.167 to 1.05.
Regional dummies do not capture the management effect, so a management bias is still
present in these estimates. Very likely this is the reason that the sum of elasticities is
still slightly above 1. Kislev and Peterson (1996) reexamine the evidence on economies
of scale with reference to empirical results of cross-state estimates of Cobb-Douglas
functions for the US!7 The sum of elasticities for each of the years 1978, 1982, and
1987 is 1.3. They do not take it as evidence of increasing returns to scale but rather as
an indication of management bias. We return to this subject in the discussion of cross-
country studies.

Griliches (1964) also introduces a measure for research and extension as a shifter of
the production function, a practice that has been followed in other studies such as the
studies based on cross-country data.

16 T the spirit of positive economics, “[tJhe most important test of the estimated production functions is not
how well it fits the data it was derived from but rather whether and how well it can ‘predict’ and interpret
subsequent behavior” [Griliches (1963a, p. 339)].

17 The respective results for cross-state regressions for 1978, 1982, and 1987 are: land 0.1, 0.11, 0.13; labor
0.27, 0.27, 0.22; machinery 0.23, 0.27, 0.15; fertilizers and chemicals 0.27, 0.21, 0.27; and other 0.43, 0.43,
0.52.
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1.4. The productivity of capital

Durable inputs are entered into the production function and in productivity analysis as
stocks. This procedure is sometimes questioned (O.6), and it is suggested that the stock
variable should be replaced by a flow that represents the service provided by the stock.
This suggestion is based on the assumption that there is a unique variable that represents
the service that can be retrieved from the analysis of annual data. Unfortunately, this is
not the case. By its very nature, a durable input is purchased if the discounted expected
returns from this input over its lifetime cover its cost. Thus, the service from this input
is the returns over its lifetime, and this is not easily transferable to a service in a given
calendar period, say a year. To sharpen the point, note that the service of a combine
in the winter, when there is no harvest, is zero. However, the service for the year is
positive. In some years the service is greater than in other years, depending on the
area harvested and the yield, and these are affected by stochastic variables. Ex post, the
value of these variables is not the same as the expected values. How are the actual values
calculated? In a production function analysis, they are determined from the coefficients
of the empirical equation. For instance, the coefficient of capital in a Cobb—Douglas
function estimates the ‘average’ elasticity of capital for the sample. This can be used
then to compute the marginal productivity of capital for each sample point. In some
years, it may be lower than the rental cost, but this does not mean that there was too
much capital in that year. The apparent overcapacity is there to provide the service in
times of higher demand.

1.5. Productivity and heterogeneous technology

The foregoing discussion provides sufficient empirical evidence to evaluate the most
cardinal question related to production: what is the rate, and also the nature, of technical
change? Aspects of this question were addressed in one form or another in almost every
empirical study of time-series data. Equation (12) characterizes much of the literature
which conveys the idea that there is a unique answer to this question, and that if we
work hard enough, we will find it or come close to it. Unfortunately, the matter is not
that simple.

The available technology is defined as the set of all available techniques, and technical
change is a change in this set. An appearance of a new technique implies a change in
the available technology. In this sense, the available technology changes continuously;
any new scientific publication may represent a change. However, this definition is too
broad, and as such its usefulness is limited to serving as a reference point but has no
operational value. The available technology contains a subset of techniques which are
not implemented and thus are not observed, directly or indirectly. Therefore, there is no
metric to measure the stock of the available technology or its change. Any empirical
inference about technical change is based on observations and as such, by definition, is
restricted to the implemented, rather than the available, technology. This is the domain
of the empirical analysis.
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Figure 1. Resource constraint and the choice of technique.

The distinction between the available and implemented technology is not trivial if
there is more than one available technique. In this case, the choice of the implemented
techniques can affect the calculation of the change in the total factor productivity (TFP).
To illustrate the issue, Figure 1 presents two production functions describing, say, tra-
ditional ( f1) and modern ( f2) techniques. The horizontal axis measures the input ratio,
say capital-labor ratio, and correspondingly, the vertical axis measures the average labor
productivity. Initially, only the traditional technique is available, and output is at point
A with input ratio ko. The response to the appearance of the modern technique may
take various forms depending on the constraints to its implementation and the market
conditions. If the sector is a price taker, production changes from point A to point M
with input ratio of k. The total change in output, Y3,/ Y4, is decomposed to the input
effect, Yp/Y4, and the relative change in the TFP, Yy /Yp. The point Yy is obtained
by extending the line tangent to the production function at point A to point B with
capital-labor ratio k. If the supply of capital is initially perfectly inelastic, the input
ratio remains at kg, and resources are allocated to the two techniques to produce the
output given by point N. This movement generates a relative change in TFP of Y /Yy4.
As more capital becomes available, the movement will be along the tangent line from N
to M. This movement from point N on is explained exclusively by the input change and
thus shows no change in the TFP. Consequently, the resulting TFP is different from that
obtained in the case of perfectly elastic factor supply. The discussion abstracts from
the question of time needed to travel on each path. Actual calculations are done for
data collected for calendar time, say a year. The results will differ with the changes in
the pace of the yearly movement. However, when the annual results are integrated, the
final outcome will depend on the path followed by the economy. Obviously, the path
taken under a resource constraint will give a smaller value to the TFP. In this sense,
the difference in empirical calculation of the TFP is path-dependent. The reason for the
difference between the two results to the same change in the available technology is
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related to the change in the factor prices, or marginal productivity. The appearance of
a new technique which is both capital-intensive and more productive increases the de-
mand for capital. When the capital supply is not perfectly elastic, its price (or its rental
rate) will increase so as to internalize all or part, depending on the supply elasticity, of
the technical change. Specifically, when capital is initially fixed, the subsequent move-
ment from N to M is fully accounted for by the change in capital availability. Thus,
in the first case the contribution of the input is obtained by using the same marginal
productivity in the base and new technology, whereas in the second, when the two tech-
niques coexist, the marginal productivity of the scarce resource increases and that of the
other resource declines. The resulting change of weights absorbs some of the technical
change and assigns it to the inputs.

This is a remarkable result. The technical change might be of considerable magnitude
and still may escape the measurement. This is the case where the bias of the technical
change is in the direction of a scarce input. This applies not only to physical capital but
also to human capital, and specifically to the level of education. It is in this sense that
education is a carrier of technology. The literature discusses the slowdown in productiv-
ity changes in the US economy during the 1970s. Such a phenomenon is consistent with
the process analyzed above where there is a change in technology but it is not captured
by the calculation of productivity. The discussion is also related to adjustments in qual-
ity done in the calculation of changes in the TFP. The importance of the quality is an
outcome of the technical change, and if it is considered as a contribution of the inputs,
it takes away from the TFP. Thus attempts to eliminate the residual technical change
by such adjustments grossly underestimate the importance of technical change (see for
instance [Griliches and Jorgenson (1966)].

The implication of heterogeneous technology for empirical analysis was formulated
in [Mundlak (1988, 1993)]. It is outlined in the following section. The approach was ap-
plied empirically to time series studies ([Mundlak et al. (1989)], for Argentina; [Coey-
mans and Mundlak (1993)], for Chile; and [L.achaal and Womack (1998)], for Canada).
We will now use this framework to interpret the empirical analysis of cross-country
data.

1.6. Heterogeneous technology

Let x be the vector of inputs and F,(x) be the production function associated with the
hth technique, where Fj, is concave and twice differentiable, and define the available
technology, 7', as the collection of all possible techniques, T = {F,(x); h=1,..., H}.
Firms choose the implemented techniques subject to their constraints and the environ-
ment within which they operate. We distinguish between constrained (k) and uncon-
strained (v) inputs, x = (v, k), and assume, without a loss of generality, that the con-
strained inputs have no alternative cost. The optimization problem calls for a choice of
the level of inputs to be assigned to technique % so as to maximize profits. To simplify
the presentation, we deal with a comparative statics framework and therefore omit a



Ch. I:  Production and Supply 19

time index for the variables. The Lagrangian equation for this problem is

L=ZPhFh(vh,kh)—Zwvh—K(Zkh~ko>, 13)
h h h
subjectto Fr ()€ T; vy, 2 0; kp, 20,

where pj, is the price of the product produced by technique #, w is the price vector
of the unconstrained inputs, and kg is the available stock of the constrained inputs. The
solution is characterized by the Kuhn—Tucker necessary conditions. Let s = (k, p, w, T)
be the vector of state variables of this problem and write the solution as: v (s), kK (s),
A*(s). The optimal inputs v}, k; determine the intensity at which the 4th technique is
implemented, where zero intensity means no implementation. The optimal output of
technique % is y; = Fj,(vj, kj;), and the implemented technology (IT) is defined by
IT(s) = {Fn(vn, kn); Fr(vy, k7)) #0, Fp € TY.

The essence of the analysis is that the implemented technology is endogenous and
determined jointly with the level of the unconstrained inputs conditional on the state
variables. This result cannot be overemphasized, and it is essential for the interpretation
of all the empirical results, regardless of specification. Of particular importance is the in-
terpretation of the aggregate production function which expresses the aggregate of out-
puts, produced by a set of micro production functions, as a function of aggregate inputs.
This function is not uniquely defined because the set of micro functions actually imple-
mented, and over which the aggregation is performed, depends on the state variables and
thus is endogenous. A change in the state variables causes a change in the implemented
technology and in the use of inputs. It is in this sense that the function is endogenous
and as such not identified. It can be identified if there are deviations from the first-order
conditions. Given such deviations, we get an empirical function as F(x, s). This func-
tion has a second degree approximation which looks like a Cobb-Douglas function, but
where the elasticities are functions of the state variables and possibly of the inputs:

InY =I(s) + B(s,x)Inx +u, (14

where y is the value added per worker, B(s, x) and I"(s) are the slope and intercept of
the function respectively, and u is a stochastic term. This expression is given below a
more descriptive structure which leads to an approach in its estimation which requires
the knowledge of factor shares. The factor shares needed for this approach were not
available in the cross-country application reviewed below, and therefore we do not go
into it.

Variations in the state variables affect I'(s) and B(s, x) directly as well as indirectly
through their effect on inputs:

3Iny/dsy =8I (-)/dsp +nx[3B()/dsn] + B(-)[dInx/dsk. (15)

The last term shows the output response to a change in inputs under constant technology.
The innovation in this formulation lies in the response of the implemented technology to
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the state variables as shown by the first two terms on the right-hand side. The elasticities
have a time index, which is suppressed here, indicating that they vary over the sample
points. Because the state variables have a large spread across countries, the coefficients
of the Cobb-Douglas function are expected to change accordingly. This is the reason
for the lack of robustness in the results.

When the available technology consists of more than one technique, a change in the
state variables may cause a change in the composition of techniques in addition to a
change of inputs used in a given technique. In this case, the empirical function is a
mixture of functions and as such may violate the concavity property of a production
function. Consequently, the evaluation of empirical resuits should deal with the role of
the state variables in production in addition to that of the inputs (or their prices in the
case of dual functions). Some state variables are included in many of the studies without
a reference to an explicit theory.

The state variables can be classified in the following groups: constraints, incentives,
available technology, physical environment, and the political environment. There is no
clear-cut separability between inputs and state variables. For instance, when capital is a
constraint, its coefficient in the production function will reflect not only its productivity
in a given technique but also its contribution to output through the change in the compo-
sition of the implemented techniques. A similar argument applies to the role of prices in
the empirical dual functions. It is conjectured that future progress in the empirical anal-
ysis of production will have to deal more explicitly with the role of the state variables
within a coherent framework. In this review, we concentrate on the role of inputs and
limit our discussion of the state variables to serve this end. As such, it is incomplete but
still serves a starting point to stir thinking on the subject.

1.7. Cross-country studies

The considerable spread between countries in agricultural productivity, in resource use,
and in the economic and physical environment provides an important source of informa-
tion for testing our understanding of the factors that determine productivity. The cross-
country analysis of Bhattacharjee (1955) had no follow-up until the revival by Hayami
(1969, 1970) and Hayami and Ruttan (1970). This revival added important variables
that were missing in the original paper, namely measures of some capital components
(livestock and machines) and of education.

The underlying assumption of these studies is that all countries use the same pro-
duction function. But this assumption lacks empirical support. To get an idea of the
prevailing heterogeneity, we can compare the elasticities obtained in the earlier cross-
country studies (Table 1) with those obtained from country studies listed in footnote 7.
For an order of magnitude, we refer to the values Hayami and Ruttan used in their exer-
cise for sources of growth differences between countries: labor 0.4, land 0.1, livestock
0.25, fertilizers 0.15, machinery 0.1, education 0.4, and research and extension 0.15.
As to the sum of elasticities, in their analysis for 1960, the estimates were in the range
of 0.95-0.98. The exercise attributes about two thirds of the output differences among
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Table 1
Estimated production elasticities — cross country
Study Period Sample Labor Land All Comments
Bhattacharjee (1955) 1948-1950 22 countries .30 36 1.00
Hayami (1969) 1960 38 countries 452 207 1.00*  Elasticities used for
productivity measures.
Hayami & 1955, 1960, 38 countries 400 100 1.00°  Elasticities used for
Ruttan (1970) 1965 productivity measures.
Nguyen (1979) 1970 40 countries .38 .02 0.99 Regression includes
1975 35 countries .37 —-03 092 education.
Mundlak & 1960-1980 58 countries® .46 .16 1.00 Uses principal
Hellinghausen (1982) components method.
Antle (1983) 1965 66 countries 33 17 0.92 Includes infrastructure
and education.
Kawagoe, Hayami, 1960, 1970, 43 countries As5¢ 10d 1.00%  Elasticities used for
& Ruttan (1985) 1980 productivity measures.

@ Range of coefficients: Labor .43-.53, Land .18-.25, Sum 0.96-0.97.
b Range of coefficients: Labor .34-.49, Land .06-.12, Sum 0.94-0.98.
¢ Data is pooled for time period.

d Range of coefficients: Labor .41-.55, Land .01-.10, Sum 1.01-1.10.

countries to input differences and one third to differences in human capital. Subsequent
studies updated and extended the analysis.

Nguyen (1979) updated Hayami and Ruttan results by computing regressions for
1970 and 1975. The results are similar to those obtained by Hayami and Ruttan with
two exceptions: the elasticity of machines increased with time,'® and the elasticity of
fertilizers declined and approached zero in 1975. He finds that when education is mea-
sured as a sum of primary and secondary education, it is not significant, but secondary
education alone is significant. He takes the view that the secondary education has a
causal effect on productivity. Alternatively, we can interpret this result as indicative that
education is endogenous, and higher productivity increases the demand for education.
The adjustment to a changing economic environment is at the margin, and this places
the emphasis on secondary education.

Kawagoe and Hayami (1983) and Kawagoe, Hayami, and Ruttan (1985) further up-
date the analysis to include 1980. Like Nguyen they test for a change of coefficients over
time and state that the production elasticities of conventional and nonconventional in-
puts remained largely the same, although some pronounced changes occurred between
1960 and 1980: the elasticity of labor declined from 0.53 to 0.41, machinery increased
from 0.04 to 0.12, fertilizer increased from 0.13 to 0.25, and land increased from 0.04

18 Similar results were obtained by Shumway, Talpaz, and Beattie (1979) for the US.
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to 0.08. Thus, there is no evidence of land-saving technical change. It is hard to think
of fertilizer share as being as high as 0.25, which is also in direct contrast to the results
obtained by Nguyen, in which the fertilizer elasticities were approaching zero.

Another deviation from the earlier results of Hayami and Ruttan is a sum of elastic-
ities for developing countries of about 1.3, which they take as evidence of increasing
returns to scale. This magnitude affects the growth-accounting exercise because, as in-
dicated by Equation (12), an increase in the input weights used for calculating TFP
increases the contribution of the aggregate input and reduces the TFP. This explains
their conclusion that the cross-country differences in output are mainly due to differ-
ences in inputs with a very small role for the residual, under 7 percent and as low
as —5.5 percent. This conclusion on negligible change in the TFP is similar to that
reached by Griliches (1964). As we argue below, they both are the outcome of biased
coefficients which exaggerate the relative importance of the inputs. This interpretation
is supported by the results reported by Kislev and Peterson (1996) who computed the
Hayami-Ruttan regressions with country dummies, and the sum of elasticities declined
from 1.32 to 1.077, with the latter not significantly different from 1.

A search for variables that represent the shift in the productivity level in the context
of cross-country studies led Evenson and Kislev (1975) to emphasize research, and
Antle (1983) to emphasize infrastructure. The problem with this group of variables is
that some of them are unobservable, others are measured in some countries and not in
others, and finally, because of multicollinearity, regressions do not support all of the
variables that are actually used in the analysis.!”

An implicit questioning of the assumption of uniform technology is detected in the
work of Hayami and Ruttan when they divide the countries into two groups, developed
and developing. This would imply that the technology changes with the level of de-
velopment. However, this classification is not sufficiently informative because neither
group is homogeneous. To introduce the impact of the level of development, it is more
informative to include an income variable in the regression. This procedure opens up
the door for extending the analysis to allow for heterogeneous technology. Mundlak
and Hellinghausen (1982) remove the assumption that all countries employ the same
production function. Instead, it is assumed that all countries have access to the same
technology and they differ in the implementation of the technology, in line with O.11.
The variables postulated to affect the choice of technology, referred to as state variables,
were resource endowment and the physical environment. The resource constraint con-
sists of physical and human capital. As no information was available on the individual
components of this constraint, it is represented in the study by the per capita total out-
put in the country. The results show a great spread in the estimates across countries and

19 As Evenson and Kislev (1975) noted, “... with the inclusion of research variable, the fertilizer variable
declines in size and significance, the same being true about the schooling coefficient . ... These two variables,
together with the technical education variable, served in the original Hayami and Ruttan analysis as proxies for
human capital and research. These proxies are effectively replaced by genuine research variable ...” (p. 180).
A somewhat similar result was obtained by Antle (1983) with an infrastructure variable.
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over time which is accounted for, in part, by differences in the physical and economic
environment.

All these results provide clear evidence for the lack of robustness of the empirical re-
sults, which is consistent with O.1. One possible way to stabilize the results is to choose
a more flexible functional form than the Cobb—Douglas. The major changes that were
introduced were the constant elasticity of substitution (CES) function by Arrow et al.
(1961) and the translog function by Christensen, Jorgenson, and Lau (1973). The CES
function generalized the Cobb—-Douglas function by allowing a constant elasticity of
substitution to differ from 1. The translog function is an example of a flexible function,
a function that allows a second degree approximation to a production function. The few
experiments with the CES function in agricultural economics did not prove it to be sig-
nificantly different from Cobb-Douglas, and therefore it was not widely applied.?’ The
situation is different with quadratic functions that have been widely used since the early
1970s, largely in connection with the dual approach, as reviewed below. From the van-
tage of the present discussion, we note that the main feature of a quadratic production
function is to make the marginal productivities, or the production elasticities, depend
on the input combination for which these coefficients are calculated. Thus, we can still
postulate that all producers (or countries) use the same production function and their
production elasticities vary with their choice of inputs.

Alternatively, it is possible that the producers do not use the same production func-
tion and the choice of the function is an economic decision. The variability in the state
variables that exist in cross-country data offers an opportunity to gain an insight to the
determinants of resource productivity. For instance, the available technology, common
to all countries, varies over time. On the other hand, capital constraints and the phys-
ical environment are country specific. There are three processes which can be studied
by decomposing the country-panel data to three orthogonal components to yield the
regression?!

Yie =Y. = (Xir — X — Xy Fx Jwlt) +xy —x )b@) + (x; —x.)b(i)
+eir, (16)

20 Hayami (1970) tried several modifications to the cross-country analysis. He found that a Cobb—Douglas
function is not rejected when the maintained hypothesis is a CES function and that Nerlove-type distributed
lags as well as serial correlation correction as suggested by Griliches gave “implausible results”. Heady and
Dillon (1961) discuss various functional forms used in agricultural research, including the quadratic function.
Fuss, McFadden, and Mundlak (1978) discuss functional forms used in economic analysis. For an interpreta-
tion of the literature on the elasticities of substitution and their relationship to functional forms, see Mundlak
(1968).

21 Regressions that use time and country dummies provide estimates of w(iz), those that use only country
dummies provide estimates of matrix-weighted averages of w(it) and b(t), those that use only time dammies
provide estimates of matrix-weighted averages of w(ir) and b (i), whereas regressions without time or country
dummies provide estimates of matrix-weighted averages of all three coefficients in Equation (16). It is in this
sense that the three sets of coefficients in Equation (16) constitute a canonical set.
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Table 2
Cross-country panel
Within
time and country Between time Between country
Variable Estimate t-score Estimate t-score Estimate t-score
Inputs:
Capital 0.37 6.90 1.03 6.01 0.34 13.13
Land 0.47 3.78 —0.03 —2.82
Labor 0.08 ~0.16 —0.16 0.26 13.67
Fertilizer 0.08 1.53 0.14 0.33 043 21.91
Technology:
Schooling 0.09 0.55 —0.28 —0.06 0.02 0.52
Peak yield 0.83 3.80 —0.32 —0.07 0.06 4.19
Development 0.52 3.36 —0.21 —-0.33 0.31 2.97
Prices:
Relative prices 0.04 1.78 0.02 0.09 0.01 1.95
Price variability —-0.03 —-0.97 —-0.07 —0.26 —0.08 ~2.82
Inflation —0.00 -0.75 0.04 0.71 0.07 4.25
Environmental:
Potential dry matter 0.16 2.68
Water availability 0.44 7.96

Note: R-square for 777 obs. = .9696, 1970-1990, 37 Countries. Source: Mundlak, Larson, and Butzer (1999).

where y is log output, x is log input (or a vector of inputs), a dot in the subscript
indicates an average over the missing index, w(it), b(¢), and b(i) are the regression
coefficients of the within-country-time (or, simply, within), between-time, and between-
country variables respectively.

The between-time process captures the impact of changes over time in the state vari-
ables common to all countries such as changes in the available technology (technical
change). The between-country process captures the impact of the country-specific vari-
ables that take place when the available technology is held constant, but other state
variables differ across countries and contribute to the differences in the implemented
technology. Finally, the within-country-time process represents the effect of changes in
the outputs, inputs, and state variables when the available technology and the country-
specific environment are held constant and thus comes closest to a production function
representing what we refer to as the core technology.

This approach was used by Mundlak, Larson, and Butzer (1999) in the analysis of a
sample of 37 countries for the period 1970-1990. The study differs from other studies
in that it uses a new series of agricultural capital and in the state variables that were
included. This choice of variables limited the sample to countries which had all the
required information. We will concentrate here on the coefficients of the conventional
inputs. The results are summarized in Table 2, which presents the estimated elasticities
for the three regressions where the dependent variable is the log of agricultural GDP.
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A striking result is the relative importance of capital. The capital elasticity is 0.37
for the core technology and 0.34 in the between-country regression. This result is quite
robust to various modifications of the model and to the disaggregation of capital. On the
other hand, the capital elasticity in the between-time regression is 1.03. This represents
the response common to all countries in the sample. It indicates that, on average for the
sample, an increase in capital was accompanied with a proportional increase in output.
This strong response is consistent with the view that physical capital has been a con-
straint to agricultural growth. This empirical proposition is well illustrated by McGuirk
and Mundlak (1991) in the context of the Green Revolution.

The between-time regression shows that the shift to more productive techniques is
associated with a decline in labor. The labor coefficient in the core technology is also
relatively low, whereas that of the between-country regression is more in line with the
other cross-country studies. The low labor elasticity obtained for the core technology
and the between-time regressions is an indication of the labor-saving technical change
in agriculture, which is consistent with the slight decline of labor over time. This is not
news, but it is emphasized here because it comes out of an integral view of the process
which separates between the core technology and the changes that took place over time
and between countries. These results highlight the importance of capital in agricultural
production, an attribute critical in the understanding of agricultural development and its
dependence on the economic environment. This indicates that agricultural technology
is cost-capital intensive compared to nonagriculture.?

This last conclusion is further reinforced by the magnitude of the land elasticity in
the core technology and is at variance with the view that land is not an important factor
of production in modern agriculture. This view is based on an incorrect reading of the
data where no distinction is made between changes in the technology and the movement
along a given production function. The sum of capital and land elasticities is around 0.8
in various formulations, making it clear that agriculture should be more sensitive than
nonagriculture to changes in the cost of capital, and less to changes in labor [Mund-
lak et al. (1989)]. This value of the sum is a bit high compared to the literature. It is
possible that a different choice of countries and time periods would lead to somewhat
different results. However, a sum of 0.8 for land and capital elasticities leaves room for
the conclusion on the importance of capital to remain intact.

The introduction of state variables to account for technology, prices, and physical
environment results in a production function that displays constant returns to scale and
thus avoids the pitfalls of previous studies and the misguided conclusions that followed.
Using the within elasticities from Table 2 and the median growth rates for the sample,
we see that aggregate input and total factor productivity residual technical change each
accounts for about one half of the total output growth of 3.82 percent per year. This
evaluation of the contribution of aggregate input is substantially smaller than the rate

22 we say that a technology is cost-capital intensive with respect to a reference technology if its factor share
of capital is larger than that of the reference technology.
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reported in the cross-country studies referred to above. These studies use the between-
country estimates where the weight of fertilizers is high and that of land is low. The me-
dian growth rate of land in the sample was 0.12 percent and that of fertilizers was 3.04.
The difference in the elasticities of these two variables accounts for much of the differ-
ence in the growth accounting. In addition, the studies that report increasing returns to
scale overstate the role of inputs and understate the role of technical change.

1.8. The rate of technical change

As indicated above, all measures of technical change refer to changes in the imple-
mented technology and thus report not only on the advances in knowledge but also on
its implementation. Direct measures deal mainly with changes in the TFP and not with
its bias. The latter is the subject of the studies based on duality to be discussed below.
We summarize some results to give orders of magnitude to the changes in the TFP and
its importance.

Ball (1985) calculates total factor productivity growth using constructed Tornqvist-
Theil indexes of outputs and inputs for US agriculture for the period 1948-1979 based
on data adjusted for quality variations. The inputs are labor, capital, and intermediate
inputs, such as energy, agricultural chemicals, feed and seed, and miscellaneous. The
result is average annual growth of productivity of 1.75 percent as compared with 1.7
percent obtained from USDA data. Capalbo and Vo (1988) review the evidence on agri-
cultural productivity, and their result for 1950-1982 is TFP of 1.57 as compared to 1.95
as obtained by the USDA for the same period.?* Ball et al. (1997) present the production
accounts for US agriculture for the period 1948-1994 and report growth rates for the
period and subperiods, based on Fisher indexes. The average growth rates for the period
as a whole are 1.88, —0.07, and 1.94 percent for production (including intermediate
products), aggregate input, and TFP, respectively.* Note that, because of the decline
in the aggregate input, the growth in the TFP is larger than that in production. This re-
sult is extremely different from the studies based on cross-state data for the US, which
attribute most of the change in output to inputs rather than to productivity. However,
it is similar to the 1.9 percent growth result obtained by Mundlak, Larson, and Butzer
(1999) for 37 countries for the period 1970-1990 discussed above.

23 The cost shares were:

Year Labor Equipment Land & Chemicals Energy Other

& livestock structures
1960 0.24 0.25 0.16 0.04 0.04 0.26
1980 0.11 0.21 0.41 0.06 0.04 0.17

The average annual growth rates were: output 1.76, labor —1.32, family labor —3.09, equipment 2.04, animal
capital 0.38, structures and land 0.1, fertilizer 5.01, pesticides 6.07, energy 1.58, other materials 1.2, and all
inputs 0.17.

24 The change in the TFP during 1948-1979 is approximately 1.47 percent — a figure derived from Ball et
al’s (1997) results — which is lower than the figure reported in [Ball (1985)]. The difference is due to the
changes in the measurement of the variables.
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Jorgenson and Gollop (1992) compare the postwar productivity performance of US
agriculture with sectors in the private nonfarm economy using the total price function.
Productivity growth explains 82 percent of economic growth in agriculture, but only 13
percent in the private nonfarm economy. The average annual growth rate of TFP growth
in agriculture during 1947-1985 was 1.58 percent, nearly four times larger than that of
the rest of the economy.

Rosegrant and Evenson (1992) examine total factor productivity growth and its
sources in the crops sector in India, using district panel data for the period 1956-1987.
They first compute TFP and second explain its variations in terms of variables repre-
senting investments in research, extension, human capital, and infrastructure. TFP in
the Indian crops sector grew during the period 1957-1985 at an average annual rate of
one percent, and this accounted for about one third of total output growth in that sec-
tor. The growth rate for the same period was 0.78 in Bangladesh and 1.07 in Pakistan.
Research, extension, domestic and foreign inventions, and adoption of modern varieties
show statistically significant, positive impacts on TEP. The effect of the proportion of
area irrigated on TFP is slightly negative, indicating that irrigation has no additional
effects on productivity except through its contribution to total input levels. In any case,
this procedure is only adequate if the coefficients estimated in the first stage are inde-
pendent of the variables that explain the changes in the TFP. This is a strong assumption
that needs empirical support, and it is inconsistent with the result reported in [McGuirk
and Mundlak (1991)]. The new productive varieties are more intensive in irrigation and
fertilizers, which have been scarce resources.

1.9. Primal estimates — summary

The centerpiece in primal estimation is the Cobb—Douglas function. This approach does
not impose competitive conditions but instead submits them to empirical testing. Such
testing often shows a difference between the factor shares and the estimated produc-
tion elasticities. This is not an absolute rejection of the prevalence of the competitive
conditions but rather a conditional result, based on the model used and the statistical
procedure. Still it is indicative that wide gaps may exist.

Tables 1 and 2 present selected summary results of the studies reviewed as well as
others with a similar message. It is noted that the elasticity of labor never exceeds 0.5,
and in most cases it varies in the range of 0.25 to 0.45. This value is well below the
elasticity of labor in nonagriculture.? If we consider all nonlabor income as capital
income, the result supports the position that agriculture is cost-capital-intensive and
therefore is less susceptible to increases in the wage rate than nonagriculture. Also, the
labor elasticity declines with time, indicating that the technical change was labor-saving.

25 In most studies on agriculture, output is measured as production, which includes raw materials, whereas
production analysis in nonagriculture is conducted in terms of value added. Thus an exact comparison calls
for applying the same output concept in both sectors. This was done in [Mundiak et al. (1989)] for Argentina,
where it was found that the factor share of labor in agriculture is indeed lower than that in nonagriculture.
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In country studies, the elasticity of land varies between zero in some cases to about
one third. We interpret this elasticity to be a measure of the competitive position of
agriculture. From the point of view of farm income it is meaningful to look at the sum
of labor and land elasticities, and this sum is fluctuating around 0.5.

The sum of elasticities of farm inputs (that is, inputs decided on by the farmer, in
contrast to public inputs) is used as a measure of economies of scale. In some studies
based on cross-sectional data this sum is larger than 1; this was taken by the authors as
evidence of increasing returns to scale. We attribute this result to statistical bias.

One justification for estimating production functions is to provide weights for the
computation of technical change. However, this approach has not provided any substan-
tive advantage as compared to the use of factor shares, even though they may not be
the same as the production elasticities. The reason is that mistakes in specification and
interpretation of statistical studies are often greater than the discrepancies between the
factor shares and the true production elasticities. An example is the error involved in
the finding of increasing returns to scale and its incorporation in the computation of
total factor productivity that leads to the elimination of the residual in a comparison of
growth over time or productivity differences across countries. It is tempting to specu-
late that such a procedure was motivated by the belief that all growth can be accounted
for and therefore there should be no residual. As we take an opposite view, we do not
feel that the loss of explanation involved in the reduction of the sum of elasticities to
1 causes any loss in insight; on the contrary, it directs our attention to search for an
understanding of the process.

An important feature common to many of the studies is lack of robustness of the
estimates and their dependence on the variables used and the sample coverage. This
finding contributed to a search in three directions: 1. Overcoming the simultaneous-
equations bias caused by the endogeneity of the inputs. As we shall see in the next
section, dual estimates that were supposed to solve this problem do not produce more
robust results. 2. Algebraic form of the production function. Indeed, the Cobb—Douglas
function is restrictive, but natural generalizations enlarged, rather than shrank, the range
of results. 3. Allowing for the endogeneity of the implemented technology. This approach
utilizes the variability to improve our insight of the observed productivity differences
over time and across countries.

2. The duality culture

Quadratic production functions, by their nature, contain many variables that are corre-
lated, and therefore the estimated parameters suffer from low precision (big confidence
regions) to the extent that they often do not make sense. To overcome this problem, the
common procedure is to estimate the production function parameters by fitting the fac-
tor shares, with or without the constraint of the production function itself. The implicit
idea is that the variations observed in the factor shares in the sample can be attributed
to differences in input ratios, or said differently, to different locations on the production
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function. Judging by the trend in the literature, the estimates of such functions, the most
popular being the translog function, were not satisfying, and therefore a rescue was
sought in the form of profit or cost functions. By this shift, the factor shares become
functions of prices rather than of quantities. This shift is somewhat arbitrary in that it is
not backed by any justification. We should note that the basic idea of duality is that each
point on the production function corresponds uniquely to a vector of price ratios. The
converse does not hold in general unless a strong assumption on the nature of the pro-
duction function is imposed. Once this is imposed, then variations in prices cause, and
therefore reflect, variations in quantities. This exhausts their information about tech-
nology. Hence, if regressing the shares on quantities was not satisfactory, why should
prices do a better job? A plausible possibility is that the price variations cause not only
movements along a given production function but also movements across production
functions. This possibility is not part of the literature, but it is part of the more general
framework of our discussion.

Under duality, the technology is summarized by profit, cost, or revenue functions,
referred to as dual functions. The profit function is expressed in terms of factor and
product prices, the cost function is expressed in terms of the factor prices and output, and
the revenue function is expressed in terms of the product prices and inputs. In time-series
analysis, each of these functions includes a measure of changes in technology, usually
time trend. Also, the profit or cost functions are allowed to include some fixed inputs
and thus are qualified as restricted or short run. Similarly, the revenue or profit functions
can be restricted by the inclusion of a constraint on output (that is, a production quota).

Duality theory became a standard subject in economic analysis in the late 1960s.%6
It was adopted for empirical applications with some great hopes, but as with many
innovations, the test of time has been less generous. There were several reasons for
such hopes. For competitive firms, prices, unlike quantities, are exogenous and therefore
when used as explanatory variables do not cause simultaneous-equations bias that is part
of life in the primal estimation. This property is indeed valid but with a limited liability.
First, it is not automatically applicable to data at the market or industry level. Second,
it is unnecessary to estimate a dual function in order to utilize the exogeneity of prices,
when this is indeed the case.

More profoundly, the econometric literature was initially motivated by the ease that
duality offers to characterize the production structure.?’ Interestingly, this view paves

26 See [McFadden (1978, p. 5) and Jorgenson (1986)] for a brief review of the history of duality.

27 “An alternative approach to production theory is to start directly from observed economic data-supplies,
demands, prices, costs, and profits. The advantage of such an attack is that the theory can be formulated
in terms of causal economic relationships that are presumed [italics by YM] to hold, without intervening
constructive steps required on the traditional theory. Because this approach is not bound by computational
tractability in the step from production technology to economic observations, the prospect is opened for
more satisfactory models of complex production problems” [Fuss and McFadden (1978, p. vii)]. Similarly
“[dJemand and supply can be generated as explicit functions of relative prices without imposing the arbitrary
constraints on production patterns required in the traditional methodology” [Jorgenson (1986, p. 1843)].



30 Y. Mundlak

the way to avoid duality rather than to use it. Heuristically speaking, duality means that
by following some rules (optimization), one can move from a production function to
dual functions (or behavioral functions, namely product supply and factor demand) and
return to the original function.”® Thus knowing the production function, it is possible
to move to the behavioral functions and vice versa. This is a simple journey under self-
duality when both the technology and the dual functions have closed-form expressions.
Examples are the Cobb—-Douglas or the CES functions. The problem arises when self-
duality does not exist, as is the case with the more complicated functional forms such as
the quadratic functions. However, the move to duality in this case shifts the weight from
one foot to the other in that it makes the derivation of the behavioral functions direct,
but ignores the fact that questions asked about the production function itself require the
exact indirect computations that were to be avoided by moving to the dual functions.?’

For instance, given the profit, or cost, function, what is the marginal productivity of an
input, and how is it affected by the input ratios? The answer to the first question is sim-
ple because by construction the competitive conditions are imposed, and therefore the
marginal productivity is equal to the real factor price. The dependence of the marginal
productivity on the other inputs is a question that has only a complicated answer, except
when the function is self-dual. The empirical (econometric) literature on duality does
not ask these questions. Thus it appears that duality is just a name, and the property
is not fully exploited in the sense that the estimated behavioral functions are not used
to answer questions related to relationships between inputs and outputs. However, the
progress made in the ease of obtaining numerical solutions makes it possible to move
from one system to the other; therefore this should cease to be an important considera-
tion. The choice of whether to estimate a primal or a dual function should then be made
on the basis of other criteria, such as statistical precision, and as argued in [Mundlak
(1996a)] the dual approach to the study of the production structure is generally inferior
to the direct approach. In this section we review a sample of the empirical work related
to agriculture.>°

The combination of duality and the use of quadratic functions has extended the anal-
ysis to cover topics related to the properties of the production structure and comparative
statics that, with some exceptions,! had not been part of the agenda of most studies at
the time and thereby extended the area of inquiry. Of particular interest is the attempt to
fit production systems that are consistent with the assumptions of comparative statics.

28 For a formal discussion, see [Diewert (1974)].

29 It is therefore not surprising that a recent survey of duality contributions in production economics chooses
to devote “[plrimary attention ... to alternative ways of measuring output supply and input demand functions
rather than identifying the production function” [Shumway (1995, p. 179)]. The fact is that there is little to
survey on the other subjects.

30 Shumway (1995) provides references to additional works. The survey by Jorgenson (1986) covers appli-
cations in other sectors.

31 For instance, Mundlak (1964b) uses the second order conditions of optimization to rule out the Cobb-
Douglas function as a legitimate multi-product function.
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But this is done at the cost of ignoring the subjects covered in the eleven observations
made above (with the exception of O.7 and O.8).

To fully describe all the properties of comparative statics, the single-output function
with m inputs, or the corresponding dual function, should have at least (m + 1)(m +
2)/2 parameters [Hanoch (1975)]. A quadratic function that maintains the symmetry
conditions has exactly this many parameters, and as such it is considered flexible in the
sense that it can provide a second order approximation to the unknown true production
function.>? But since inputs tend to move together, it is statistically difficult to estimate
the function directly with precision, and therefore the procedure has been to fit factor
shares to the data. It is in this respect that such procedures are basically an extension of
the factor share estimator.

For the dual functions to describe a production system consistent with comparative
statics, they have to maintain some properties that can be tested empirically. The less
trivial ones are monotonicity and convexity (or concavity, as the case may be). When
the estimation is of factor demand or product supply, the monotonicity imposes signs
on the first derivatives of the dual functions, whereas convexity imposes conditions on
the second derivatives of the dual functions, or more to the point on the sign of the
Hessian matrix. If these conditions are not met, the system is inconsistent with profit
maximization. Besides these regularity properties, the dual form is used to test various
hypotheses about the production structure such as separability, homotheticity, and the
form of technical change.

A major shortcoming of the approach is the difficulty in achieving the regularity
conditions in empirical analysis.>> Although duality is a micro theory, manv of the
studies use macro data. The studies vary in functional forms used, in the type of function
used in the estimation, and in the questions asked. We will try to give the flavor of these
studies by sampling some that are most oriented to our needs.

32 The parameters in question are first and second order derivatives. Their value is likely to depend on the
input and output combination and thus differ with the observations. Consequently, in the event of wide varia-
tions in the sample, an approximation by a fixed coefficient function may be erroneous.

3 Ina survey of studies of US agricultural productivity, based mostly on duality, it was observed that ... em-
pirical results and theoretical consistency are sensitive to model specification. ... Many researchers found the
translog to be ill-behaved over portions of the data set, that is, monotonicity and curvature properties hokd
only locally [Caves and Christensen (1980)]. This was also evident in many of the models presented in this
chapter. ... not all the econometric models satisfied locally the monotonicity conditions and the curvature
conditions” [Capalbo (1988, p. 184)]. And in another review: “The review exposed some of the limitations
of existing research. For example, it is not clear what should be done with empirical models that violate
theoretical properties” [Capalbo and Vo (1988, p. 124)]. More recently, “... as most students of the existing
empirical literature on agricultural supply response systems know, failure to satisfy convexity in estimated
profit functions is not unique to this study” [Chambers and Pope (1994, p. 110)]. For additional supportive
evidence, see also [Fox and Kivanda (1994) and Shumway (1995)].

This result had been anticipated: “Some expansions, such as the translog function ... can never except in
trivial cases satisfy monotonicity or convexity conditions over the entire positive orthant” [Fuss et al. (1978,
p- 234)]. This reservation is related to the functional form. However, this is not all: the major difficulty comes
from the fact that the implemented technology is not constant over the sample.
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Early application of duality to the study of agricultural production was made by
Lau and Yotopoulos (1972) and Yotopoulos, Lau, and Lin (1976). They used a Cobb—
Douglas profit function. As Cobb-Douglas is a self-dual function, it was a straightfor-
ward matter to obtain from the profit function estimates of the production function elas-
ticities and to compare them with direct estimates of the same parameters. This compar-
ison reveals some substantive differences. Unfortunately, such a numerical comparison
of the dual and the primal estimates had no follow-up and has practically vanished from
empirical analysis.

2.1. Studies based on cost functions
Define the restricted cost function

C(w,k,y, 1) =min[wv; y=F(v,k,1)], (17)

where v is a vector of unrestricted (variable) inputs with prices denoted by w, k is a
vector of constrained inputs which are assumed to have no alternative cost, y is a vector
of outputs, and ¢ is a technology index. By the envelope theorem (Shephard’s Lemma)

HnCw. oy D) _ s w,k, y, 0. (18)
dlnw;
Various restrictions are imposed in empirical analysis; many of the studies assume that
all inputs are unrestricted, in which case k is not part of the argument. In what follows,
to simplify the notation we will use this assumption unless indicated otherwise. The
empirical results depend on the structure imposed on the function. Several properties
are of interest:
Homotheticity:

Cw,y,t) =¢(y)C(w,t); Hence, Sj(w,y, ) =S;w,1). (19)
Neutral technical change:
Cw,y, ) =A@®)C(w,y); Hence, Sj(w,y,1)=35;(w,y). (20)
Homotheticity and neutrality:
Si(w,y, 1) =S;(w). ey
The cost function is expressed as a quadratic function in the variables or as a mono-
tonic transformation of the variables, most commonly logarithmic, yielding the translog

function. The share equations are then linear in the same variables. Unless indicated
otherwise, the technology is represented by a time trend. The empirical analysis deals



Ch. I:  Production and Supply 33

with the estimation of the factor share equation under one of the above restrictions, often
not tested empirically. There is no single central issue in these studies: different studies
emphasize different topics. The most important ones are related to the behavior of factor
shares with respect to changes in factor prices, the trend in the shares (time as an index
of technology), and the effect of output when homotheticity is not assumed. Some stud-
ies emphasize methodological aspects by testing the properties of the function needed
to describe a production system consistent with comparative statics.

Binswanger (1974) estimates a translog homothetic cost function from a cross-state
data set for the US for the period 1949-1964. Agriculture is assumed to be a price-
taker in all inputs, including land. He compares factor demand elasticities (evaluated at
the mean) with those derived under the constraint of Cobb—Douglas. Except for land,
the elasticities are near 1. They are close to the Cobb-Douglas-based elasticities for
machinery and fertilizer but much lower for land (—0.34 as compared to —0.85). This
result can be aitributed to the fact that the model assumes a perfectly elastic supply
of land, but this is not the case in reality, and the estimates reflect the data that were
generated by a fairly inelastic land supply.

The cross-price derivatives of the cost function provide a measure of substitution. It is
found that “[t]he best substitutes are land for fertilizer . .. It was a surprise . . . to find that
machinery is a better substitute for land than for labor” [Binswanger (1974, p. 384)]. To
explain the result, note that in general shocks, and specifically technical shocks, are both
land-expanding and land-augmenting [Mundlak (1997)]. Technical change in agricul-
ture caused a decline in the product price and thereby suppressed its expansion effect,
so that under the new technology less land was needed to produce the demanded output.
The new techniques were more fertilizer-intensive and machine-intensive, resulting in
the positive association between machines and fertilizers and the negative association
of these two variables with land demand.

The technical change is labor-saving and machine-using; the labor share declined at
the average annual rate of 5.5 percent, and that of machines increased at the rate of
2.5 percent. Regional dummies were significantly different from zero. The inclusion of
regional dummies qualifies the estimates as within-region estimates. The fact that they
are significantly different from zero indicates differences in regional productivity and
that the explanatory variables need not be exogenous.

Ray (1982) uses a translog cost function with two outputs, livestock and crops, in esti-
mating the technology of US agriculture in 1939-1977. He imposes Hicks-neutral tech-
nical change and finds decreasing returns to scale for aggregate output, indicating that
technology is nonhomothetic. The reason for the decreasing returns can be attributed
to the fact that not all the inputs are included in the analysis, and thus, the estimates
are of a short-run cost function. The average annual rate of the technical change is 1.8
percent. The own demand elasticities are less than 1. The substitution of hired labor
for machines is much smaller than that between labor and fertilizers. Also, Ray finds
substitution between labor and fertilizer, in contrast to Binswanger (1974), who claims
complementarity.
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Kako (1978) uses a translog cost function to study rice production in Japan in 1953—
1970. Constant returns to scale is imposed, and technical change is measured by time
trend with different slopes for three subperiods. The average percentage change in factor
use during the period was: labor 2.6, machinery 3.9, fertilizers 4.4; the rice area did not
change. Output grew at the rate of 2.7 percent. The input changes are decomposed to
output effect, substitution (or price) effect, and technical change. The technical change
was dominating for labor, whereas the output effect dominated the changes in fertilizers
and machinery. Thus technical change was largely labor saving but had little effect on
the other inputs. What picture does this finding portray of rice production? If the rice
area did not change, it is not clear what changes in output could prompt an increase in
machines. Perhaps part of the answer is related to the calculation of technical change.
It is reported that 56 percent of the increase in output is attributed to technical change;
thus, indirectly the use of machines is affected by technical change. We can think about
these changes in terms of changes in the composition of techniques which became labor-
saving and machine- and fertilizer-using. Finally, the fact that land did not change during
the period is consistent with the view that land supply is far from being perfectly elastic
as implicitly assumed in the formulation. As such, the results are likely to be distorted.

Kuroda (1987) estimates a translog cost function using national averages data for
Japan for the period 1952-1982 and concludes that “. .. the production process of post-
war Japanese agriculture was characterized neither by Hicks neutrality nor homothetic-
ity. Biases ... reduced labor relative to other factor inputs ...” (p. 335).

Lopez (1980) used a generalized Leontief cost function to study the structure of pro-
duction of Canadian agriculture in 1946-1977. The paper emphasizes two subjects,
tests for integrability and for homotheticity. A necessary condition for integrability is
symmetry of the price coefficients in the derived demand equations. Integrability is
not rejected, and it is concluded that there is a production function that can represent
Canadian agriculture. The idea is that the cost function can be derived from this pro-
duction function. This is the idea of duality, but things are not that simple. Below we
question the validity of the assumption that market prices used in an analysis of macro
data are exogenous and maintain the requirements underlying the derivation of a cost
function. If the assumption is violated, the estimated coefficients of the cost function
would be biased. Given that the integrability conditions are met, the fitted function may
be integrated to an aggregate technology, but this is not the relevant one for Canadian
agriculture.>* By way of analogy, a negatively slopped line fitted to price-quantity data
need not represent a demand, or supply, function, and it may be a combination of supply
and demand functions.

The factor demand equations include output and time trend. The output coefficients
are significantly different from zero, indicating nonhomotheticity. The time coefficients
were not significantly different from zero except for labor. This indicates neutral techni-
cal change with respect to all inputs except for labor. However, when homotheticity was

34 On this issue see [Mundlak and Volcani (1973)].
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imposed, the time coefficients became significantly different from zero, and the signs
were consistent with factor-augmenting technical change. This is another illustration of
the tradeoff between the inclusion of output and time trend in the equations. We discuss
this finding below. The own-factor-demand elasticities are less than 1, cross-elasticities
are all positive. Labor is a substitute for all inputs except for land.

Clark and Youngblood (1992) estimate a translog cost function for central Canadian
agriculture (Ontario and Quebec) for 1935-1985 using a time-series approach instead
of including a time trend as a technical change measure. They concur with Lopez (1980)
that technical change is neutral but output is an important variable in the shares of land
and fertilizers.

2.2. What is the message 7>

Factor shares in agriculture have undergone changes over time; particularly, the share of
labor declined, that of machinery and purchased inputs increased. How much of these
changes can be attributed to economic factors? The studies reviewed above indicate that
some of these changes were associated with changes in factor prices. Still, the major
part of the changes is atiributed to changes in output or reflects the time trend. There is a
tradeoff between the role of homotheticity and neutrality of the technical change. When
output was included in the equation, it tended to replace the role of the time variable.>
This result is consistent with the fact that the new techniques are more productive and
use different factor ratios than the old techniques.

Two conceptual limitations to the empirical analysis of cost functions may distort the
results. First, the cost function is derived for a price-taker agent and as such does not
apply to macro data where prices are determined by market supply and demand. The
factor demand is derived from the cost function, and therefore it is affected by shocks
affecting the cost function. These shocks are thereby transiated to the factor prices. In
short, factor prices need not be exogenous. This limitation applies to all studies that use
market data — rather than firm data — including studies based on profit functions. This is
not a trivial point because agriculture cannot be assumed to be a price-taker in the rural
labor and capital markets, and definitely not in the land market.

Second, a cost function is derived conditional on output, and this is interpreted erro-
neously in empirical analysis to mean that output is exogenous. In general, there is no

35 Tssues related to the choice of functional form are discussed by Chalfant (1984). He argues that the translog
and the Generalized Leontief cost functions are less appropriate for modeling agricultural production since
they do not result in negative own-demand elasticities of substitution for all inputs. However, the estimates
resulting from the use of the Fourier flexible form also failed to satisfy the negative own elasticities for all of
the factors (p. 119). Lopez (1985a) discusses similar issues for profit functions.

36 This is also consistent with the conclusion of a survey by Capalbo (1988, pp. 184-185): “Nonhomothetic
functions performed better than models that maintained neutral technical change or constant returns to scale,
or both”. Wide variations were obtained in the level and bias of technical change, although all the reported
results indicate that the technical change was labor-saving and chemical and equipment-using, whereas the
results with respect to land are ambiguous.
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reason to believe that the marginal cost, and therefore output, is independent of shocks
to the cost function.3” This problem is not shared by profit functions.

2.3. Studies based on profit functions

The profit function provides a compact form to summarize a multiproduct technology
and an efficient way to introduce the properties imposed by theory on this system. This
possibility is utilized in the empirical analysis, and thus there is no direct comparison
with results obtained from the cost function with a single aggregate output. Also, the
profit function facilitates the examination of whether the technology is that of joint
production [Chambers and Just (1989)].

The restricted profit function of an individual producer is defined by

n(p,w,k, T)=max(py —wv: y,x€T), (22)
y.v

where y is a vector of outputs; x is a vector of J inputs decomposed to variable, v,
and fixed, k, components: x = (v, k) with dimensions (J,, Ji), J, + J; = J; T is the
available technology set; p is the vector of product prices; and w is the vector of factor
prices. It can be decomposed to conform to the decomposition of x. However, where
ambiguity does not exist, such a decomposition is not made explicit. By the envelope
theorem (Hotelling’s Lemma) the product supply and factor demand functions are writ-
ten:

o am
yi(waak,T):—» Uj(p7wak7T):——"' (23)
api Jw;

The equations in (23) can be expressed also as shares. Like the cost function, the profit
function is expressed as a quadratic function of a monotonic transformation of the vari-
ables. Then, Equations (23) become linear in the same variables.

Lopez (1984) estimates a Generalized Leontief profit function for Canadian agricul-
ture, using 1971 cross-section data. The Hessian matrix (the matrix of the second partial
derivatives of y; and v;) evaluated at the sample points has mostly the wrong sign, in-
dicating that the profit function is not everywhere convex. The elasticities are generally
low, particularly for supply (0.01 for crops and 0.472 for animal products). There is
a gap between the variables used in the analysis and those assumed in the theoretical
model. The paper suggests that there is sufficient variability across regions for a mean-
ingful analysis, but this variability is in part spurious, reflecting quality variations; thus
it is likely that the results reflect data problems.

Antle (1984) uses a single product translog profit function to estimate input demand
and output supply functions for US agriculture for 1910-1978. Technical change is

37 An exception in nonagriculture is the interesting study by Nerlove (1963) of the power-generating plants
where the output is demand-driven and as such is exogenous.
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represented by time trend and time dummies for subperiods.>® The findings lead to the
acceptance of symmelry, convexity, and structural change in the postwar period and to
the rejection of homotheticity, parameter stability, and neutral technical change. Also,
he finds differences in the direction of the technology bias between the pre and postwar
periods.>® Scale effects are very important post-war and are not important pre-war. “It
shows that changes in factor use were more a function of technical change and a scale
change in the postwar period than in the prewar period. Thus, input use in the post-
war period was apparently less price responsive over time than in the pre-war period”
[Antle (1984, p. 418)]. This conclusion is consistent with the world of heterogeneous
technology as discussed above.

The low price elasticities are claimed to be consistent with those reported by
Shumway (1983) and Weaver (1983) and as such are considered to be acceptable. This
result is also consistent with many other studies of supply response reporting low supply
elasticity. In our discussion of the subject at a later stage, the low elasticity is attributed
to inelastic factor supply. Antle (1984) also suggests that his results are in line with
induced innovations.*® However, his argumentation indicates that the pace of the tech-
nical change was related to the implementation rather than to the pace of changes in the
available technology itself.

Shumway and Alexander (1988) fit a system of five outputs and four inputs to US re-
gional data for the period 1951-1982. They had to impose price linear-homogeneity,
symmetry, and convexity.*! It is indicated that the great variability of the results
“... clearly document the importance of considering regional differences in predict-
ing the distributional effects of potential changes in economic conditions ...” (p. 160).
Technical change was not Hicks-neutral. The own-price-demand elasticities varied from
0 to —1.42, and output elasticities varied from 0.01 to 1.22, with great variations across
regions.

Shumway, Saez, and Gottret (1988) estimated a quadratic profit function with five
output groups and four input groups for the US for the period 1951-1982. Land and
family labor are fixed; time trend represents technology. As in the previous study, sym-
metry, linear homogeneity, and convexity in prices had to be imposed. Estimates were
obtained for regional data under the assumption that regional prices are exogenous, and
for national data where the variable-factor prices were endogenized. The regional esti-
mates are aggregated and compared with the national estimates. The output-supply and

38 “Without time dummy variables, very small D-W statistics were obtained, suggesting misspecification”
[Antle (1984, p. 417)].

39 “The prewar is biased toward labor and mechanical technology and against land, whereas the postwar
technology is biased against labor and toward machinery and chemicals” [Antle (1984, p. 420)].

40 “Actual on-farm technology, therefore, lagged behind agricultural research, and estimates of the prewar
technology should not be expected to show much evidence of technical change bias toward mechanical or
chemical technology” [Antle (1984, p. 420)].

41 “Convexity of the profit function was not maintained in the model exploration phase” [Shumway and
Alexander (1988, p. 155)].
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input-demand elasticities are low and become even lower when upward-slopping supply
curves for the variable inputs were introduced. The low response is attributed to fixity
of land and family labor.

Additional support for the proposition that techniques, outputs, and inputs are deter-
mined jointly is obtained from the fact that important properties of a production function
are not maintained under aggregation over techniques; “A larger number of US param-
eters are significant when derived from the regional estimates (53 percent) than when
directly estimated (42 percent)” [Shumway et al. (1988, p. 334)].*> More important,
“[slymmetry of price parameters in the system of Equations (1) and (2) was not pre-
served in the national aggregation” (p. 334, footnote 2). The findings also support the
proposition that shocks affect land expansion and land augmentation in the same direc-
tion: “All five outputs increase as the quantity of real estates services increase . ... All
variable inputs are complements to real estates. Half are complements to family labor,
and a third are complements to other variable inputs” (p. 334).

Huffman and Evenson (1989) fit a normalized quadratic restricted profit function with
six outputs and three variable inputs to data for US cash grain farms during 1949-1974.
They expand on previous duality-based studies by allowing the shares to depend on
agricultural research, extension, and farmers’ schooling in addition to time. The partial
effect of research is in the direction of fertilizer-using and labor- and machine-saving.
As research was machine-saving, the observed increased use of machines is attributed to
declining prices. There is asymmetry in the explanation of the increased use of machines
and the decline in the use of labor. This can be resolved by assuming that the change has
been facilitated by a decline in the cost of machines and that the new machines require
less labor than the old machines. This explanation is consistent with the heterogeneous
technology framework. The effect of extension was small. The shadow value of private
crop research is near zero, but it is high for public research. The own-price elasticities
at the sample means are: fertilizer —1.2, fuel —0.72, machinery —0.61, labor —0.51,
soybean 1.3, wheat 0.97, and feed grains 0.016.

Bouchet, Orden, and Norton (1989) fit a normalized quadratic profit function to data
for French agriculture in 1959-1984. This was a period of strong growth, mainly in
cereals, a decline in labor, and an increase in labor cost. The analysis differentiates be-
tween short- and long-run response. The supply is price responsive, but the elasticities
are below 1. “However, the response to price changes are estimated to be inelastic even
in the long run when usage of quasi-fixed capital and family labor have fully adjusted
to optimal levels” (p. 292). The estimates of the long-run response are obtained under
the implicit assumption of perfectly elastic supply of quasi-fixed inputs. When in real-
ity the supply functions were not perfectly elastic, the estimated responses are biased
downward.

42 The standard errors for the aggregated coefficients were obtained under the assumption of independence
of the regional estimates and as such are an approximation. National shocks affect all regions, and therefore
their coefficients are jointly affected and thereby correlated. This may be the reason for the difference in
significance levels.
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The findings show that both family labor and capital have a strong positive effect on
the supply of cereals, milk, and animal products. This result raises two puzzles. First,
cereals is not a labor-intensive product, and therefore it is not obvious why it should
have a strong positive response to changes in family labor. Second, one would expect
an opposite effect of labor and capital. This similarity of effects can be explained by
a strong expansion effect that dominates the substitution effect. The expansion effect
is prompted by the technical change that accounts for the observed growth. Putting
it all together, the observed changes can be accounted for in terms of changes in the
composition of techniques.

Ball et al. (1993a) use restricted and unrestricted profit functions to evaluate the con-
sequences of the Common Agricultural Policy (CAP). The main empirical result is that
the response elasticities are low but in line with values that appear in the literature using
other functional forms and less demanding models. Land and labor are taken as fixed in
the evaluation, and this is the reason for obtaining low response elasticities.

2.4. Dual estimates — summary

In summarizing the foregoing findings it has to be kept in mind that the reviewed studies
are mostly for the US, Canada, and Japan, so the numerical values may not be fully
representative. However, the main developments in the agriculture of these countries
are shared by other countries. The post-war period is characterized by a strong technical
change in agriculture, both in the level and in the direction of factor use. Yields increased
together with improved varieties and the use of chemicals, while labor was replaced by
machines. Thus, the results have broad implications, and they facilitate the drawing of
important methodological conclusions.

What distinguishes the dual approach from the primal is the appearance of prices
in the empirical equation. Hence, in evaluating the performance of this approach we
address the following questions:

e What has been the contribution of prices to the empirical equation?

e What additional information is obtained from the dual equations, and how can they
be interpreted?

Are the underlying assumptions of duality met?

What are the statistical benefits of this approach?

Where do we go from here?

The dual estimates are obtained by regressing factor shares on prices, time trend, and
sometimes output. When the change in the use of inputs is decomposed to price, trend (a
proxy for technology), and output effects, it is found that trend and output capture most
of the changes, whereas the role of prices is the least important. Thus the contribution
of prices to the explanation of inputs or output variations is rather limited.

The price elasticities of factor demand and product supply are usually obtained under
the assumption that producers are price-takers in the product and factor markets. On the
whole, the own-price elasticities are less than 1. There is no uniformity in the signs of
the cross elasticities, but in general, most inputs appear to be substitutes. The strength of
the own and cross elasticities reflects in part the fact that in reality factors’ supply is not
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perfectly elastic as the models assume, and therefore the results need not represent the
demand-driven substitution as it is thought. This is the case with respect to elasticities
related to labor, land, and capital. We further elaborate on this subject below.

With respect to other findings, interestingly, on the whole the studies based on duality
do not show increasing returns to scale. Technical change, obtained by including a time
trend in regressions of factor shares, is largely labor-saving, capital-using, and fertilizer-
using, with the results on land being somewhat ambiguous. This is reflective of the
data, which means that whatever was the effect of prices, it was not sufficient to change
conclusions that could be drawn from the raw data. This does not give a strong mark to
the analysis in that the results are obvious without it.

Duality between technology and prices holds under well-defined conditions that can
be tested empirically. In most studies these underlying conditions are not fully met;
particularly the concavity of the cost function or the convexity of the profit function is
violated. Therefore, the estimated technology is inconsistent with the basic premises of
the model. In a way, this is the most disappointing result because duality theory is a
very powerful theory, and the question is why it does not come through in the empirical
analysis. There may be more than one reason, but probably the most important one is
related to the changes in technology.

One of the expected virtues of duality has been related to its solution of the
simultaneous-equations bias realized in some primal estimators. However, as indicated
above, in general dual estimators are inferior to primal estimators on the grounds of
statistical efficiency. Where do we go from here? We return to this question at the end
of the paper.

3. Multiproduct production

Most of the primal studies of production use a measure of a single output, value out-
put, even though output consists of more than one product. The outcome is a truncated
picture of the technology and limits its usefulness. Estimates based on input data ag-
gregated over products are not sufficiently informative in that they do not provide a
simple way to address questions of interest such as: What is the factor productivity in
the production of a particular product? Does such productivity depend on the level of
output of the other products, and if it does, is it because of overall input constraint or
because of technological interdependence? Also, without a complete presentation of the
multiproduct production function, it is impossible to derive the supply of the individual
products. It is not due to unawareness of the importance of the complete presentation but
rather due to lack of data and complexity of specification and estimation. The situation
has improved considerably with the appearance of the dual approach. As the foregoing
review indicates, many of the empirical studies based on the profit function facilitate
the derivation of the behavioral functions, specifically product supply, without having
to resort to the primal function.

The data problem is a reflection of the fact that industry statistics for agriculture do
not report the inputs by products, except for land and some product-specific inputs such
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as livestock. This is a convention, and by itself it reveals nothing about the nature of the
production process. In principle, micro data collected from farm surveys can alleviate
the problem. This is at least the case with respect to inputs which are easy to allocate
to the various products, such as feeds or fertilizers, but the allocation of the use of fixed
inputs requires more effort, and therefore such data are relatively scarce and do not
surface with high frequency in reported studies to clarify some of the underlying issues
discussed in this section.

Most farms produce more than one product, and this raises the question of the reason
for the diversification. Possible reasons are:

(1) Interdependence in production where the marginal productivity of a factor of
production in the production of one product depends on the level of production of
another product, for example, wool and mutton, or milk and beef on dairy farms.

(2) Better utilization of some fixed inputs, or alternatively due to production quo-
tas on some outputs, which frees resources to produce other products [Moschini
(1988)1.

(3) Savings due to vertical integration, where the farm produces intermediate inputs
which are consumed on the farm, such as corn and hogs, or hay and livestock.
Such integration saves marketing charges in the broad sense (transportation, trade
margins, spoilage, efc.).

(4) Risk management.

To sort out the reasons for the diversification of production we need to go beyond the

output-aggregate production function.

To put some structure to the discussion, let 7'(y, x) denote the production set which
contains all the feasible combinations of the vectors of outputs (y) and inputs (x). This
set is contained in the nonnegative orthant, it is closed, convex, contains free dispos-
als, and the origin. Its efficiency frontier, #(y, x) = 0, is unique. Studies with aggre-
gate value output take the form py = f(x), where py is the inner product of p and y.
This is a special case of the more general presentation obtained by imposing separa-
bility on £(y, x): t(y,x) = Y (y) — X(x) = 0 [Mundlak (1964b)]. Hall (1973) shows
that this imposition is equivalent to a multiplicative decomposition of the cost function,
C(w, y) = H(y)c(w). The general presentation of output by ¥ (y) has two advantages
over the more restricted single aggregate output presentation: First, the function with
aggregate value output is not a single-valued function and its parameters depend on the
output composition along the expansion path [Mundlak (1963b)], whereas Y (y) can
be formulated to overcome this shortcoming. Second, it allows for interdependence in
production. An application of this approach to the output aggregation of Israeli agricul-
ture using a multi-stage CES function was made by Mundlak and Razin (1971). The
limitation of this type of separability is that it is applicable only when the technology is
interdependent, and the derived ratio of output prices is independent of the ratio of factor
prices [Hall (1973)]. The latter, to be sure, applies also to the aggregate single-product
production function.

Most agricultural production is thought to be carried out by independent techniques
for individual products. In this case, the profit or the cost functions will be additive
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and the supply of product j will be independent of the price of product 4 [Hall (1973),
Lau (1978)]. We can write these functions as follows: C(w, y) =) ; Cj(w, y;), where
C(w, y) is the minimum cost of producing the output vector y at factor prices w, and
similarly, C;(w, y;) is the minimum cost of producing output y;. A similar result ap-
plies for the profit function: 7 (p, w) =y ; 7j(pj, w). This additivity constitutes only
a sufficient condition for independent production. As Shumway, Pope and Nash (1984)
indicated, common constraints imposed on production may produce nonzero cross price
coefficients in supply. To show this, we note that the problem under consideration is a
special case of the heterogeneous technology discussed above, where the techniques
are identified with the products and as such are explicit. Repeating that discussion with
more details, the maximization problem is:

L{vj, kj, ) :ijFJ-(vj,kj) —Zu)vj —A(ij —k);
J J j
subjectto F;(-) € T; v; 2 0; k; > 0.

Let Fy; be the vector of marginal productivity of x in the production of product j. The
Kuhn-Tucker necessary conditions for a solution are

(p.,-FUj—w)vij, ijvj—wSO,
(pjFrj —Mk; =0, pjFij — <0,

(XK —k)a=0, Yk -k <0,

v; 20, k; =20, A>0.

Thus, even though 9 Fy; /0y, = 0, it is possible that dy;/dp, = dy;/dk;0k;/ops # 0,
because a change in a product price may cause a change of the shadow price of the con-
straints in the production of that product. Therefore, when the constraints are binding,
their allocation among the various products changes and causes a reshuffle of the inputs
and outputs. The term joint production encompasses the two cases, interdependence in
production and the sharing of constraints. The importance of the latter can be detected
empirically by introducing the constraints & to the profit function.

The discussion does not indicate how to allocate the inputs to the various products.
This subject is developed by Just, Zilberman, and Hochman (1983) who utilize the first
order conditions for profit maximization to extract the input allocation to the individual
crops. The method is further developed by Chambers and Just (1989) by introducing a
flexible production function and developing a test for joint production. Without going
into details, we note that in principle the allocation is determined by the Kuhn—Tucker
conditions above to yield v;(s), k;(s), and y(s), where s = (p, w, k, T') is the vector
of state variables. The two studies apply the method to the same data set and obtain
plausible results in spite of the complexity in the calculations.

The essence of the discussion is that diversity in production is not necessarily a re-
sult of interdependence in production. Leathers (1991) extends the discussion to extract
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implications for industrial organization. Dealing with the cost functions and taking the
unconstrained cost function as the long-run function, it is implied that in the long run
the constraint will not serve as a cause for diversity in production. Note, however, that
agricultural production is seasonal, and since the firms are of finite size also in the long
run, there is considerable scope for better utilization of resources by diversification. Just
recall the old days when farm plans drawn by linear programming yielded combinations
of products which utilized best the available resources.

The discussion on industrial organization deals with production at the firm level but,
as we see repeatedly in this survey, we should be aware that micro theory is applied
to macro data without blinking. Thus, there is another reason for diversification which
is more important for the macro data — marketing costs. To put it in perspective, note
that all countries produce almost all agricultural products that the physical environment
permits. This can be attributed in large part to the fact that domestic production saves
the various charges that are involved in international trade. Agriculture is stretched out
geographically and this entails high trade costs, particularly in developing countries
where the infrastructure leaves much to be desired. Finally, risk management can lead
to diversification, but this is well known and need not be elaborated upon here.

4. Nonparametric methods
4.1. Description

Evidently, it is not easy to find a meaningful and robust empirical presentation of tech-
nology. The search for culprits has pointed at, among others, the parametric presenta-
tion, or functional form, of the production function, and thus the nonparametric presen-
tation surfaced. A somewhat similar problem had been encountered much earlier in the
theory of consumer choice, which sought a presentation without having to resort to the
unobservable utility (objective) function. In the case of consumer choice, the empirical
inference is based on the observed budget constraint, quantities, and prices. In the case
of production, we observe the values of the profit (objective) function but do not ob-
serve the technology constraint, and the problem is to infer about it from the data. In
the context of production, this approach was developed by Afriat (1972), Hanoch and
Rothschild (1972), and Varian (1984). Recently, it has been discussed and applied to
agriculture in a series of papers: Fawson and Shumway (1988), Chavas and Cox (1988,
1994), Cox and Chavas (1990), Tauer (1995), Featherstone, Moghnieh, and Goodwin
(1995), Bar-Shira and Finkelshtain (1999), among others.

In describing the approach, we modify somewhat the notation used above. Let y =
(¥1, ..., yu) be a netput vector whose positive components are outputs and the negative
components are inputs, and p be the vector of corresponding prices. The profit is the
inner product py. It is assumed that y comes from a feasible production set Y that
maintains the free disposal property:if y € ¥ andy >y, then y’ € Y.

The pivot of the analysis is the assumption that the observed netputs are optimal under
the observed prices and the underlying (but unobserved) technology. Thus, if we observe
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y' and p’, we assume that under p’ there is no netput in the production set that brings
higher profit than the observed y*. More compactly, p'y’ > p'y for all y € Y. If this
holds for all the observed netputs, then it is said that the production set ¥ p-rationalizes
the data. Then piyi > piyj forall i, j =1,...,n, where n is the sample size. Varian
(1984) shows that this condition guarantees the existence of a closed, convex, negative
monotonic production set and referred to it as the Weak Axiom of Profit Maximization
(WAPM). Bar-Shira and Finkelshtain (1999) further extend the analysis.

The underlying assumption is empirical in nature, and its validity can be tested by
comparing all possible inner products between the observed netputs and prices [Fawson
and Shumway (1988)]. If a netput is chosen, it should be optimal under the price regime
prevailing at the time. A situation which is inconsistent with the hypothesis is when a
netput is chosen even though it seems to be inferior to another netput under its own
price regime: p/y/ < p/y' and p'y/ < p'y'. This raises the question of why y/ was
chosen in the first place when it was inferior to y' under p/. The negative answer is
that there was a violation of profit maximization. The positive one is technical change,
so that when y/ was chosen, y’ was not feasible. As technology progresses with time,
we expect more recent observations to represent more productive technologies than
did earlier observations. Consequently, in time series analysis, when ¢ > 0, we expect
p°y' — p¥y0 > 0, or equivalently, L, = %y /p°y? > 1 where L, is the Laspeyres
quantity index. If this is not the case, then the conclusion is that this binary comparison
is inconsistent with profit maximization.

Fawson and Shumway (1988) apply the test to regional data of US agriculture and
find that the majority (typically, 80-90 percent) of the observations would be inconsis-
tent with profit maximization if technical change were not allowed for. Featherstone,
Moghnieh, and Goodwin (1995) apply the test to micro data of Kansas farms. The con-
ditions of profit maximization, or of cost minimization, were violated by a large propor-
tion of the observations. The number of violations declined when technical change was
allowed for, but was still sizable.

When a particular netput is more profitable than another one under the two pertinent
price regimes, it is concluded that it comes from a more productive technology. Based
on this concept, Bar-Shira and Finkelshtain (1999) rank the technologies and apply
their framework to data on US agriculture. They show that the ranking of the technolo-
gies does not always follow the chronological order, namely in some years the rank is
lower than that of previous years. As no one suggests that there has been a regression
in the technology of US agriculture, this finding can either be attributed to a violation
of profit maximization or it may arise from more fundamental difficulties in identifying
the technology through prices, an issue on which we elaborate in the discussion below.
Bar-Shira and Finkelshtain quantify the technical change by computing the revenue per
dollar expenses at constant prices. This is an index of change in the output-input ratio,
and it is reminiscent of the early work on productivity at NBER and Schultz’s (1953)
discussion of productivity in agriculture. This then brings us back to square one. Finally,
they examine whether the technical change is biased. Chavas and Cox (1988, 1994) go
further in discussing procedures for inferring the nature of the technical change by ex-
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amining what changes in the components of the netputs should be made in order to
induce equality of the profits of the two netputs evaluated in terms of the base prices, or
simply to bring the L, to 1. The procedure is discussed and modified by Chalfant and
Zhang (1997).

The literature deals with some more specific topics, such as separability of the tech-
nology and returns to scale. Finally, the tests discussed above are deterministic in the
sense that they classify the data by those observations that are consistent with the hy-
pothesis and those that are not. This does not take into account the possibility of errors
in the data. Statistical tests have been suggested to deal with such errors. We do not
cover these topics here, and we now move on to an evaluation of the method and its
application.

4.2. Discussion

Under the conditions of WAPM, there exists a production set with the underlying prop-
erties needed for the production theory. Therefore, the central issue of the nonparametric
analysis is to check for the empirical validity of WAPM. Note that this involves asking
the same important question that was initially raised by Cobb and Douglas (1928) on
the empirical validity of the competitive conditions and which received attention in the
early work on the primal production function. However, as the empirical studies show,
the conditions of WAPM are typically not met unless technical change is allowed for;
but, to allow for technical change, the assumption that all the observations are optimal is
used. At this point the common domain with the work on the primal function vanishes,
and the approach becomes more similar to that of the dual function, where the optimality
is imposed and not tested. This is to say that the technology is identified by the prices.

Allowing for technical change amounts to making productivity statements based on
output and input indexes. It is well known that such measures are subject to the index-
number bias caused by the inability to make full allowance for the substitution triggered
by changes in relative prices. Thus, the method shares the problems as well as the merits
of productivity measures through the use of index numbers.

It is important to note that such measures cannot differentiate between neutral and
differential technical change. To show this in a simple setting, assume a cost function
Cw,A,y)=C(wi/A1,..., Wy /A, y) where the A’s are the factor-augmenting func-
tions. Without a loss in generality, we will examine the case of a linear homogeneous
production function. Also, assume A’; > 1 for all j and 7. Let A} = min;{A’} for all 7,
recall (19) and (20), and rewrite C(w, A,y) = yaic(aw); a1 = 1/Ay, aj = A1/A;j,
j > 1. Thus, a; can be thought of as the Hicks-Neutral coefficient. Evaluate the techni-
cal change as follows, for ¢ > 0:

cw® A%y/y° 4 e(@w?
Cw', A,y /[y — a cl@w)’

We write more compactly C(w’, A?, y') = C(¢), c(a’, w') = c(2).
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We now evaluate this ratio for neutral and for differential technical change. We do
it under constant prices, w’ = w’ = w, and for a given output, y' = y°, so that the
technical change is evaluated by the savings in inputs needed to produce a given output.
The inputs considered come from the input requirement set: x’ € V(y, £).

Hicks Neutral Technical Change (HNTC): Let 1 = A(l) < Al, a; =1forall j > 1and

all £, hence V(y,0) S V(y,1), C(t) = wx’, wx’ < wx’. Imposing these conditions, we
get c(t) = c(w), and

) 0
9_(__) — wx_ —_ Atl > 1.
C®) wx'
Thus the rate of factor saving is equal to the rate of the HNTC.
Factor Augmenting Technical Change (FATC): Let A} =1 for all 7, a} < a? for all
j > 1 and all ¢, with the inequality in effect for at least one j, hence y° < y* and
V(y,0) C V(y,1). Impose y' = y° and a? =1, then, wx! < wx°, and the effect of the
technical change under these conditions is

CO _wr' _ cw)
c@) wx'  cl@w) =

This measure is similar to that of HNTC, but it is due to FATC; it is therefore referred
to as the Neutral Equivalent of Differential Technical Change (NEDTC) [Mundlak and
Razin (1969)]. The conclusion is that the ratio wx?/wx’ is affected by neutral as well
as by differential technical change, and therefore we cannot differentiate between them.

The problems in the application of the nonparametric method are similar to those
faced in the applications of duality. The theory is a micro theory, and therefore its ap-
plication to macro data can distort the results. Prices are not exogenous, the supply of
inputs is not perfectly elastic, and in the short run, which may last for some time, there
are constraints to the convergence to long-run equilibrium. We return to this topic in the
discussion on dynamics below. This raises the question of how to price durable inputs
in the analysis, underlining the problem that arises from the fact that the econometrician
does not necessarily know the prices, or price expectations, observed by the firm and
thus may use the wrong prices. All these may lead to behavior which can be incorrectly
interpreted as deviations from profit maximization. To see that this can create a problem,
we note that Bar-Shira and Finkelshtain (1999, Figure 8) present a graph of the profits
(the product of the netput and its price) in US agriculture for the period 1945-1994. It
appears that from 1958 on, with the exceptions of three years, agriculture was operating
at a loss, and at times, at a big loss. During this period, output continued to increase.
Thus, this suggests that somehow these prices are not the relevant prices.

All these problems occur within the traditional framework of homogeneous technol-
ogy. If we allow for heterogeneous technology, additional considerations come up. First
note that, by definition, the observed netputs represent the implemented technology, and
as such the corresponding production sets are conditional on the state variables. As we
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move from one year (o the next (or across farms for that matter), the state variables may
change and with them, the implied production sets. Thus, it is possible to get a regres-
sion in productivity because of the change in the underlying economic environment, as
indeed it is presented in Bar-Shira and Finkelshtain (1999, Figure 9).

5. Supply analysis*?
5.1. Background

Analytically, the supply function of the competitive firm is the partial derivative of the
profit function with respect to the product price. As we have seen above, it is one of the
functions estimated in using duality to characterize the production structure. However, it
has been considered as an entity by itself. The reason can be attributed to substance and
history. The interest in supply analysis in agriculture had begun long before the work on
the production function in agriculture and was completely disconnected from it. From its
very beginning, supply response analysis was very much concerned with policy issues
rather than with the application or development of formal econometric analysis. This is
revealed by the titles of some of the early work: “The Farmers’ Response to Price” [Bean
(1929)], “The Nature of Statistical Supply Curves” [Cassels (1933)], “The Maintenance
of Agricultural Production During Depression: The Explanations Reviewed” [Galbraith
and Black (1938)], “Can Price Allocate Resources in American Agriculture?” [Brewster
and Parsons (1946)]. Some of this discussion was motivated by the fact that agricultural
production did not contract during the Great Depression of the thirties when prices of
agricultural products declined substantially. The explanation for this was provided by
D. Gale Johnson (1950), who indicated that not only product prices decreased in the
depression, but factor prices decreased as well. This brings in the cyclical behavior of
agriculture.

The central theme, the role of prices in determining output, has not changed much
since. However, there are additional aspects high on the public agenda which are related
to the ability to increase food supply to meet the growing demand. While the role of
prices is related to the behavior under given supply conditions, the growth aspect is
related to the shift in these conditions. This is a neat classification, which unfortunately
does not apply to the data. Observations are determined by all the forces that affect
supply, and it is therefore for the empirical analysis to sort out the role of the various
factors.

Empirical supply functions regress output on prices and other variables with the pur-
pose of extracting the output response to price. Most of the studies used aggregate time-
series data, but there were some exceptions [Mundlak (1964a)]. On the whole, these
studies were formulated within a static framework. As price signals do not come out

43 In part, the discussion is based on [Mundlak (1996b)].
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strong and loud in such studies, salvage is sought in using an appropriate price expecta-
tion and in a search for variables other than prices to be included in the equation.

The shift of attention to dynamic considerations gained impetus with the introduction
of distributed lags to the supply analysis by Nerlove (1956, 1958). Two basic ideas are
behind the formulation: adaptive expectations and partial adjustment. They both have
a common outcome, a gradual adjustment in response. This is applied to expectation
formation whenever a gap exists between the expected and the actual values. Similarly,
it is applied to the closure of the gap between the actual output and the long-run desired
output. The basic empirical equation that emerges has the form of

yr =bp; + ¢y +us, (24)

where b and b/(1 — ¢) are the coefficients of short- and long-run supply response re-
spectively. This formulation gave a neat and simple format for supply analysis and was
therefore widely adapted. A summary of many studies using this framework is provided
by Askari and Cummings (1976).

This efficient form for connecting the price response and the length of run has not pro-
vided the needed insight into the structure of agricultural production, nor of the origin
and the nature of its dynamics [Mundlak (1966, 1967)]. In what follows we concentrate
on approaches that attempt to overcome this limitation. As a background, we summarize
the main empirical findings of supply analysis reported in the literature:

0.12. The short-run aggregate agricultural supply elasticity, when estimated directly,

falls in the range of 0.1-0.3.

0.13. The estimated elasticities decrease with the level of aggregation. Higher values
are obtained for the elasticities of individual products than for the aggregate
output.

0.14. Indirect estimation of the supply elasticity, obtained through the estimation of
factor demand, resulted in larger values than those obtained by direct estima-
tion.

0.15. In the empirical analysis it was observed that adding a lagged output to a sup-
ply equation which relates output to price increases the quality of the fit and
often eliminates the existing serial correlation. When measures of capital, or
of fixed inputs, are added to the equation, the statistical relevance of the lagged
dependent variable is reduced or vanishes. A similar result is obtained when a
trend variable is added.

0.16. When the sample was divided to subperiods according to the direction of the
price changes, it was found that
(a) The supply elasticity was higher for a period of increasing prices.

(b) When capital is included in the supply function, its coefficient was positive
for periods of increasing prices and zero for periods of decreasing prices.

(c) When a distributed lag was used, the rate of adjustment was higher for a
period of increasing prices.
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0.17. The dependence of the value of the supply elasticity on the length of run re-
flects a constrained optimization. The severity of the constraints vanishes with
time. This view leads to a formulation of a well-defined structure.

The work with duality reviewed above supplements the observations 0.12 and O.13

and shows in general higher elasticities for factor demand than for the product supply
which is the foundation for O.14.

5.2. Static analysis

The starting point of the analysis is the behavioral functions in Equation (23) above. The
strength of the response of output and inputs to changes in prices depends on the relative
importance of the restricted inputs. The unrestricted case when all inputs are variables
is referred to as the long run and is represented by the following behavioral functions:

yi(p,w,T), v (p,w,T), K*(p,w, T). (25)

Empirical analyses are based on dated data where some of the inputs are restricted. In
this case, the response is given by Equations (23), and as such, the empirical analy-
sis of (23) produces a restricted or short-run response. The relationship between the
restricted supply and the unrestricted supply is given by the identity

y(p,w kK, T)=y"(p,w, T). (26)

By differentiation,
s =si+ ) Blisis, @7)
J

where g; = dlny;/d1n p;, &/, and g/, are the unrestricted (long-run) and restricted

(short-run) elasticities, respectively, ,8* = 0lny;/0Ink% is the production elasticity
of kj, the jth component of k, in the production of the ith product, and ¢;; =
dln k* /91n p; is the demand elasticity of k; with respect to p;. Thus, the long=un
elast101ty is the sum of the short-run elastlc1tles and of the indirect price effect which
measures the price effect on the investment in the restricted factors. The relationships
in (27) are obtained under the identity in (26), and as such they are restricted to the
long-run equilibrium. The demand for capital and the incorporation of nonequilibrium
values in the analysis are discussed below.

It is obvious that the estimation of Equations (27) requires an elaborate statistical
analysis, and we have already seen that it is difficult to get robust results. There is
however a simple way to approximate meaningfully the supply elasticity. As shown
in [Mundlak (1996b)], given the competitive conditions for the unrestricted inputs, the
supply elasticity for a price-taker agent is approximately

&= M, (28)

1->, 5
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where S, is the factor share of the vth variable input. The sum is taken over all the
unrestricted inputs; it is an estimate of the scale elasticity of the ‘short-run’ production
function, namely, the part of the function that expresses the output as a function of the
unrestricted inputs conditional on the restricted ones. The scale elasticity need not be
constant everywhere, as the approximation is defined locally, and thus it depends on
the classification of inputs to v and k. What is important for the present discussion is
that it can be evaluated in general as the sum of the factor shares of the variable inputs.
This framework facilitates the derivation of orders of magnitude of the short-run supply
elasticity by using empirical evidence on the elasticities of the agricultural production
functions. This can be done at various levels of aggregation. To illustrate, consider the
aggregate supply under the simplifying assumption that locally, the factor supply func-
tions facing the industry are perfectly elastic and that there is no redistribution of the
restricted factors among the firms in response to price variations in the short run. We
assume that land, capital, and often labor are fixed in the short run. These inputs ac-
count for approximately 0.8 to 0.9 of total output, implying that the supply elasticity is
between 0.11 and 0.25. The lower value is in line with the empirical results as summa-
rized above.

The division between variable and restricted inputs is to some extent arbitrary. Such a
dichotomy implies a zero supply elasticity for the restricted inputs and infinite elasticity
for the variable inputs. This dichotomy is often assumed in many of the empirical anal-
yses using derivatives of the profit function. It may hold true for the individual firm but
not for the industry as a whole. Taking these considerations into account, the analysis
is generalized by introducing the factor supply functions. The smaller the factor sup-
ply elasticities, the smaller the product supply elasticity [Brandow (1962), and Floyd
(1965)]. Extended analytic results are given in [Mundlak (1996b)]. For instance, for a
production function homogeneous of degree 1 < 1 in the unrestricted inputs, the supply
elasticity is

e=u[(—w+ Y] (29)

where 5, # 0 is the supply elasticity of the vth input, and &, is the factor share in the
total cost of the variable inputs. Equation (29) generalizes Equation (28) in that when
the factor supply functions are perfectly elastic for all factors, that is, s, = 0o, the two
equations become identical. For a linear homogeneous production function, 1 = 1, and
Equation (29) reducesto e = (3_ay/ 5v)~ ! which is a finite number. Thus, a constant re-
turns to scale aggregate production function is compatible with a finite supply function
because the sector is not a price-taker in some inputs.

This expression of the supply elasticity in terms of the factor shares provides the
insight for the inverse relationship between the length of run and the size of the supply
elasticity. The shorter the run, the more restrictions there are on factor adjustment, and
therefore, the smaller the supply elasticity. Restrictions on the overall factor supply,
such as farmland, do not apply to the allocation of the factor to alternative crops. For
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this reason, the lower the level of aggregation of the analysis, the larger the supply
elasticity (0.13).

Turning to the relationship between factor demand and the supply elasticities (0.14),
we note that the price effect on input demand contains substitution and expansion ef-
fects. Of these, only the expansion effect contributes to the supply because the substi-
tution effect of all the inputs cancels out. Technically, this is the meaning of the singu-
larity of the Slutsky, or Hessian, matrix. This explains the findings in [Griliches (1959)]
and subsequent work where the indirect supply elasticity obtained by using the factor
demand elasticities gave larger values than those obtained by direct estimation of the
supply function; simply, the substitution effect was not eliminated. The same holds for
the estimation of the behavioral functions using the duality framework.

6. Dynamics

Equations in (23) and (25) constitute a recursive system where the long-run values of &
are expressed by (25), whereas the short-run values of v and y are determined by (23)
conditional on & and prices. It does not specify the time pattern of the changes in k. The
analysis is now extended to deal with this subject. The extension is triggered by the fact
that k affects output and cost in more than one period.

6.1. The firm’s problem

It is postulated that the competitive firm chooses inputs that affect the flow of present
and future profits with the objective of maximizing its expected present value. We con-
sider here a simple case where a single output, y, is produced with a durable input,
capital, k, and a nondurable, or variable, input, v, that can be hired at the ongoing wage
rate, w(t), using a concave and twice differentiable production function, y = F'(k, v, 7),
where T represents technology. The various variables are functions of time, and the in-
come flow at time tis Ry = F'(k;, v, 7y) — c(f;) — wyv; — g; 1. Income and factor prices
are measured in units of output, ¢ and w are the real price of the investment good (1)
and of the variable input, respectively, and c¢(7) is the real cost of adjustment [Lucas
(1967), Gould (1968), Treadway (1969)]. The underlying idea behind the adjustment
cost is that the marginal cost of investment increases as a function of the investment
rate, and hence if the firm acts too fast this cost will be excessively high. The function is
convex in / (or in the ratio I/ k). Let r be the interest rate, 8 = (1 +7r) ! is the discount
factor; the optimization problem calls for selecting the time path of inputs {v;, k;} that
maximizes the expected value of the firm at the base period, O,

max {Eo [Zﬁj [Fjkj,vj 1) —wjv; — gl — c(zj)]]} (30

kiy1,v)
j+1Vj =0
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subject to I; =kj 1 — (1 — 8)kj, the initial value ko, and terminal conditions, where
k; is the capital stock at the beginning of period j, and § is the depreciation rate. The
expectation, Eg, is taken over the future prices and the technology whose distribution is
assumed known.**

To obtain the first order conditions we first differentiate (30) with respect to the non-
durable inputs, v;, to obtain:

E[aF(‘) _w]} 0. 31y

ij

By assumption, the input v; at any time j has no effect on the revenue in subsequent
periods, and therefore its level is determined by equating the expected value of the
marginal productivity to that of its real price in each period, as shown by Equation (31).
Consequently, the optimization problem can be solved in steps. First, determine for each
period the optimal level v; as a function of prices and &, and substitute the result in the
production function to obtain the function, F(k;, s;), where 5; = (77, w;,q;,7,§,¢) is
the vector of the exogenous variables. The second stage consists of solving

rl?ax{EOZﬂj[Fj(kjvsj) —c(I)) —qj'lj]} (32)

j+1 =0

subjectto I; =kj 1 — (1 — 8)k;.

Label the rate of capital appreciation § = /g and §; = g, [r + 8 — (1 — 8)g;], which
is the rental cost of capital, or briefly the rental rate, evaluated at time j. It is the product
of the initial price of the capital good, g, and the annual “charges” consisting of the
discount and depreciation rates, adjusted for the expected capital gain, §. Similarly,
ér=cr(Hlr + 8 — (1 — 8)¢;1 gives the change in the adjustment cost due to a change
of the timing of a unit of investment, on the optimal path, from one year to the next.
Differentiate (32) with respect to k; .1 and rearrange the result to obtain, for the case
when an internal solution exists,

Eo{BF(+ 1 —[é()+4;]) =0, 33)

where we use the notation F(k;,s;) = F(j) and similarly for other functions, and the
subscripts k and I indicate the direction of the partial derivatives of the functions in
question. Under static expectations, where the present prices are expected to remain
constant indefinitely, E(g) = E(¢) = 0, and (33) becomes {8 Fr(j + 1) — (r +8)cr () +
g;1} = 0. In the absence of adjustment cost, this condition reduces to the equality of the
marginal productivity of capital and the rental rate [Jorgenson (1967)]. This condition
applies to every point on the optimal path. The addition of the adjustment cost affects

4+ The terminal condition is lim j _, oo Eo{B' [Fr () — e (j) — q;1k;} =0.
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the rental rate, and thus it affects not only the pace of investment but also the optimal
level of capital.

The solution can be expressed in terms of the shadow price of capital defined as
the present value of the marginal productivity of capital, net of the adjustment cost, in
present and future production: S; = Z?‘;Q W/ Fi(t + j), where h = (1 — 8)8 < 1. The
system can be solved to yield

EAS: — (g: + 1))} =0. (34)

This condition states that investment is carried out to the point where the shadow price
of capital generated by the investment is equal to the cost of investment including the
cost of adjustment. The marginal productivity depends on the technology and the inputs
at the various points in time, and therefore its evaluation requires an assumption that the
investment under consideration is the only investment to be made. If other investments
are contemplated, the marginal productivity would have to be evaluated conditional on
such investments.

6.2. Discussion

The condition in (31) is extremely important for empirical analysis in that it implies
that along the optimal path, the use of the inputs which have no effect on the revenue
or the cost in subsequent periods is determined by equating the marginal productivities
to their real prices in each period. This leads to a recursive system [Mundlak (1967)].
First, we determine for each period the optimal levels of the variable inputs as functions
of the exogenous variables, including prices and k(). Second, we solve for k(t) on the
optimal time path:

k*[E(g,4.8,r,c,w, p,T)], (35)

where we insert p, the product price, explicitly. All the variables in (35) are functions of
time. The introduction of the intertemporal optimization results in replacing £*(-) in (25)
with (35), thereby adding exogenous variables as well as uncertainty with respect to the
future time path of the exogenous variables. However, the recursive structure remains
the same.

6.3. The role of prices and technology

The solution is quite sensitive to changes in the exogenous variables. To gain some
insight into the meaning of the solution, we use a Cobb-Douglas production function,
y = Av?k®. The first order condition in (31) provides a solution v = (a/w)y for the
nondurable input. This solution is substituted in the production function to yield, with
some simplification,

Y = (Aaa)1/(1—3)w—a/(l—a)kb/(lwa)‘ (36)
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The marginal productivity of capital conditional on w is*

3_y _ b (Aaa)1/(1”a)w—a/(1—a)k(b+a—1)/(1—a)' (37)

ok|, 1-—a
This derivative is equated to the rental price of capital to provide a solution for k*, when
such a solution exists.

Equation (36) is the short-run supply function conditional on k. Output declines
with w, but as w is the ratio of nominal wage to output price, p, output increases with p.
To simplify the discussion without a loss in generality, we continue by ignoring the ad-
justment cost. The condition in Equation (33) simplifies to

Eo{BFe(j+1)—§;} =0. (38)
The long-run values (starred) are obtained by using Equations (36) and (38) to yield
K= ®/9)y*, v =(AaD") w7, e=1/1—a—b). (39)

Prices affect the desired capital directly through the rental rate and indirectly through
the effect on the optimal output. It is important to differentiate between the direct and
the indirect price effect. A change in the wage rate has only an indirect effect on capital
with an elasticity Ey;y = —ae. The elasticities of the real rental rate, Ey /5, are —1,
—be, and (a — 1) for the direct, indirect, and total effect respectively. Similarly, the
elasticities of capital with respect to a change in the product price are 1, (a + b)e,
and ¢ for the direct, indirect, and total effect respectively. Note that the indirect effect
(a + b)e is considerably stronger than the direct effect. It is useful to illustrate the
order of magnitude of the elasticities in question for arbitrary values of the parameters
(Table 3). The elasticity of labor is maintained at 0.3 for the three cases, whereas the
elasticity of capital varies from 0.6, a highly capital-intensive process, to 0.1. Note that
0.1 is approximately the estimated elasticity of machinery in many studies, whereas a
value of 0.3 represents a broader capital aggregate, including structures. The difference
1 — a — b is the share of fixed factors which vary across cases. In the first case it would
be management, whereas in the last case it might also include land. The values in this
table provide an insight into the interpretation of the empirical results.

To simplify the discussion, we have abstracted from taxes. To add taxes, they have to
be inserted in the income expression in (1), and the prices in the foregoing results would
have to be adjusted for taxes [Jorgenson (1963)]. The empirical evaluation of the effect
of taxes is done in two steps: first, evaluate the effect of the tax on the time path of the
rental rate; and second, determine the response of investment to price. It is the latter that
is the focus of the empirical analysis.

45 This derivative is evaluated for v kept at its short-run optimal level, which is different from the derivative
conditional on v derived from the production function: g—i lv=>b %
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Table 3
Capital-demand elasticities

a=03,b=06,e=10 a=03,0=03,e=25 a=03,b=01,e=1.67

Prices D I T D 1 T D 1 T

w 0 -3 -3 0 —0.75 —0.75 0 -0.5 -0.5
g -1 —6 -7 -1 —0.75 —1.75 ~1 -0.17 —1.17
p 1 9 10 1 1.5 2.5 1 0.67 1.67
NTC 0 10 10 0 25 2.5 0 1.67 1.67

Legend: D = Direct, I = Indirect, T = Total, W = wage rate, P = product price, § = rental rate, NTC =
Neutral technical change.

Neutral technical change is perceived as a change in the multiplicative coefficient (A)
of the production function. It affects output and thereby the desired capital level without
affecting the capital-output ratio. The demand elasticity with respect to neutral technical
change is equal to £. Capital-using technical change, captured here as an increase in b,
generates an increase in capital demand and in the capital-outputratio. The overall effect
of such a technical change on output depends on what happens to the degree of the
function. When the degree is held constant, an increase in b implies a decline of a,
and therefore, without imposing a more detailed structure, the net effect on output is
ambiguous.

To summarize, the expected magnitude of the estimated demand elasticities depends
strongly on what variables are held constant in the sample, and therefore we can expect
a considerable variability in the empirical results.

6.4. Disinvestment

In general, empirical analysis treats positive and negative accumulation symmetrically
even though the costs involved are completely different. The cost of acquisition of a new
tractor is different from the selling price of a used one. Implications of this additional
detail are discussed by Glenn Johnson (1958), Edwards (1959), Johnson and Quance
(1972, pp. 185-195), and more recently by Chavas (1994) and Hamermesh and Pfann
(1996). To place this detail in perspective, we note that on the whole, agricultural in-
vestment is positive for most of the time, and therefore the subject of disinvestment is of
secondary importance and does not affect our views on the development of agriculture.
Its empirical importance is largely limited to the analysis of cyclical behavior and the
analysis based on micro data which include firms with zero or negative investment.
There are several important reasons for the difference between the acquisition and
the selling price. First, the service life of the new capital good is longer than that of the
used one, and therefore it is more valuable. Conceptually, this aspect can be incorporated
into the analysis by disaggregating the capital goods by age and vintage and pricing the
different goods accordingly. The optimization problem of the price-taker farmer would
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then include acquisition prices by age and vintage instead of one price. If an old machine
is sold, someone is buying it because it meets his needs. This indicates that there is a
market for all types of machines which are actually traded. The extension of the analysis
to include this kind of heterogeneity should give qualitatively different results from the
one obtained when the farmer is restricted from purchasing the used equipment (who
will then buy it?), as the standard model assumes. The interesting question is what the
qualitative effect is.

Second, part of the gap between the price of new and used equipment can be attributed
to marketing charges and asymmetric information of the pertinent agents. Third, there
is the cyclical element. There is a tendency to sell unutilized capacity in bad times when
the excess demand for capital goods is declining and with it the price of the used equip-
ment. The cyclical price behavior is likely to differ according to the origin of the capital
goods. Used machines are supplied by farmers, and for our purpose they are expected
to behave as do capital goods of agricultural origin. Their price is determined endoge-
nously within agriculture and reflects the expected stream of the marginal productivity
of capital over its remaining lifetime. To trace the consequences of this extension, it
is necessary to work out the market equilibrium for used equipment. This will result
in a market clearing price, and used equipment will be employed according to condi-
tions analogous to Equation (34). New machines are of nonagricultural origin, and their
supply price reflects the conditions in nonagricuiture. Therefore the price may be less
sensitive to the cyclical conditions in agriculture as compared to used machines. To sum
up, the introduction of a second-hand market adds details to the analysis but not a new
theory.

The asymimetry between investment and disinvestment is more pronounced in models
with internal adjustment costs. Obviously, a demolition of a building or a slaughter of
a cow does not stretch out over time. The symmetry assumption simplifies the formu-
lation, but it is unrealistic. Its restrictive nature goes undetected because much of the
empirical work is based on aggregate data. However, there are some exceptions such as
Chang and Stefanou (1988) and Lansink and Stefanou (1997).

6.5. Empirical investment analysis

In general, time series of aggregate investment show a positive serial correlation. The
determination of the source for this dynamic relation is a key question in investment
research. There are two basic approaches. Initially, the dynamics was superimposed
on the model, and we therefore refer to it as exogenous dynamics. Alternatively, the
dynamics can be developed from the theory, such as in the case of models based on
adjustment cost, and it is therefore referred to as endogenous dynamics.

Aside from the pattern of the dynamics, the empirical analysis should reveal the re-
sponse of k* to changes in its determinants, where k* is unobserved and therefore is
replaced by the actual capital stock, or changes in it. The actual capital stock by itself is
not a well-defined variable, but in this discussion we will ignore the issues involved in
the construction of the capital stock.
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6.6. Exogenous dynamics

For a variety of reasons, there is a time difference between the date of a firm’s deci-
sion on a new investment and its completion. The implication is that a decision taken
by the firm in a given year may affect investment in future years, or alternatively, the
investment in a given year reflects past decisions and, more so, past signals. Such a time
distribution of the response was a major justification for the distributed lags analysis,
referred to as the flexible accelerator models, introduced by Chenery (1952) and Koyck
(1954). In such models, the actual capital stock differs from the desired stock. Koyck’s
formulation uses geometric weights to express the current capital stock as a weighted
average of past values of desired capital. This process can be presented by an adjustment
equation

kr —ki—1 =M(kz* —kt—l), (40)

where 1, 0 < p < 1, is the coefficient of adjustment. Nadiri and Rosen (1969) extended
this model to more than one quasi-fixed factor.

The desired capital is unobserved. In the case of a Cobb—Douglas production func-
tion, the desired capital stock is proportional to the long-run output, and the latter can
replace the first. Introducing this substitution into Equation (40) and simplifying, we
can write the following investment function, where I; is the ner investment in year ¢,

I = uyo + puyy; — pke—1 + error. (41)

However, the replacement of k* by y™* is of little help because the latter is also unobserv-
able. In practice, actual output is used instead in empirical analysis [Jorgenson (1963)].
In so doing, the difference between the short- and the long-run supply is overlooked.
The elasticities for long-run response express the response with respect to lasting price
and technology changes. Transitory price changes are likely to affect output according
to the short-run supply function, but as such should not affect the capital demand. Con-
sequently, the variable used in the analysis measures with error the relevant variable and
thereby introduces a downward bias in the estimation [Mundlak (1966)].® The problem
can be overcome by aggregating the variables over time and thereby reducing to a large
extent the effect of the transitory variations [Mundlak {(1964a, Chapter 6)].

The underlying assumption in Equation (40) is that the adjustment of the actual stock
to changes in the desired stock is gradual, but this is not always the case. Often, there are
distinct scale economies in the size of the investment, where the unit cost declines with
the size of the project, and the optimal size of the investment unit exceeds the demand or
requires more resources than are currently available. Consequently, the firm may delay
the investment until it is justified to construct a larger project at a lower unit cost (Ibid.).

46 For more detailed discussion of this subject, see [Mundlak (1964a)].
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The phenomenon of lumpy investment at intervals longer than a year is inconsistent
with the adjustment cost assumption. However, this is not detected in empirical analysis
which uses macro data obtained as aggregates over firms and as such conceal it. Again,
with micro data the problem can be overcome by aggregating the variables over time
and thereby reducing the importance of the exact timing of the investment (Ibid.). This
problem has resurfaced in the context of analysis based on adjustment costs, and we
return to it below.

6.7. Endogenous dynamics — the primal approach

There has been a great deal of empirical work based on the Euler equation on nonagri-
cultural data. The equation involves unobservable variables, and to overcome this lim-
itation, alternative approaches have been taken; these are reviewed by Chirinko (1993)
and Galeotti (1996). To illustrate the basic issues at stake, we present an empirical ver-
sion of Equation (33), with the assumption that c(-) = (¢/2)] 2 50 that ¢(-) does not
depend on the capital stock. Let z be the expected gap between the marginal produc-
tivity of capital and the rental rate, z,4; = E/{$Fi(t + j + 1) — gr+;}. Rearranging
Equation (33) subject to the assumption on the adjustment cost, it follows that

1
Et(IH—j) - hEt(It+j+1) = E Lr4j- (42)

An expected decline in the rental rate or an expected increase in the productivity of
capital causes an increase in z, and hence the difference between current investment
and expected next-year investment increases. This means that at the margin, current
investment increases in order to take advantage of the current opportunities.

For the purpose of estimation, Fy is spelled out explicitly in terms of its arguments,
and thus the parameters of the production function enter the equation. Similarly, in some
applications, the cost of adjustment is formulated so as to depend on some variables,
including output. When the marginal productivity of capital and the adjustment costs
are written explicitly in terms of their determinants, the empirical equation contains
output and prices. The empirical equation is then used to estimate the parameters of the
production function, of the adjustment-cost function, and of 4. Unlike in the exogenous
dynamic models, it is assumed here that the observed capital stock is always equal to
the optimal one.

There are several problems in using this equation for empirical analysis. First, in this
formulation the adjustment-cost parameters are, by assumption, the only source for the
dynamics. When in reality the time pattern of investment is affected by other causes,
their influence will be captured by the cost of adjustment parameters, and the empirical
analysis will give a distorted picture of the dynamics. Second, the Euler equation, (42),
provides arbitrage conditions between adjacent periods which have to be met on the
optimal path. When the observations are located off the path, this condition is incon-
sistent with the data. If the model is stable, deviations from the optimal path generate a
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correction toward the path. This correction is not described by the model, but it is em-
pirically important and as such it affects the estimates. This may be the reason for the
fact that empirical estimates obtained from the Euler equations do not produce robust
resuits. Third, the Euler equation is not an efficient way to estimate the parameters of
the production function. As argued earlier, it is more efficient to estimate the produc-
tion function directly. Fourth, recall that h = (1 — 8)/(1 + r), so that 4 is not a stable
parameter and should be treated as a variable. When # is treated like a constant, varia-
tions in h are captured by the equation error, and as such the error is not independent
of the investment term on the right-hand side of the equation. This causes a bias in the
estimate.

6.8. Endogenous dynamics — the dual approach

The dual approach, as developed by McLaren and Cooper (1980) and Epstein (1981),
has provided an elegant framework to deal simultaneously with several issues of dy-
namic adjustment in a practical fashion. It has been applied in agricultural economics
research, reviewed below, and it is therefore summarized here.

Following the literature, the presentation is in terms of continuous time, and the cost
of adjustment appears as an argument in the production function. A crucial element
in this framework is the assumption of static price expectation whereby the present
prices and technology are assumed to remain constant indefinitely. Modifications of
this assumption are discussed below.

The production function, F(k, I), is expressed in terms of the quasi-fixed factors, &,
and the investment, I.*” The variables are vectors of comparable dimensions. A partial
list of the regularity conditions on the production function includes: Fy(-) > 0, Fr(-) <
0, and F(-) is strongly concave in /. The optimization calls for:

J(s) = max / T et [Fk, D) = G’k + Jo (I — 8k)] dr (43)
0

subject to k(0) = kg, and the terminal conditions. J(s) is the value function, a prime
means transpose, g is the vector of rental rates, s = (k, g, r, §) is the vector of exoge-
nous variables, J is the vector of multipliers of the constraint k = I — 8k, and as such it
represents the shadow price of capital. Note that (43) is expressed in terms of the rental
rate, unlike the argument of (30), which is expressed in terms of the price of the capital
good. Also, under static expectations, g does not contain the capital-appreciation term.
This difference in formulation can be of significance in the case of nonstatic expecta-
tions. In what follows, unless indicated otherwise, r and § are assumed to be constant.
All the variables are functions of time and, unless needed, the time notation is avoided.

47 Initially, all inputs can be considered to be quasi-fixed, and it is up to the analysis to determine if a particular
input is variable. Alternatively, the production function can be the concentrated function in the quasi-fixed
variables.
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Because the prices and the technology are assumed constant, only their current values
matter. This is the major analytic payoff of the assumption of static expectations. Con-
sequently, the problem becomes similar to that of the duality used in the static analysis.
The difference between the two models is in the nature of the solution; in the dynamic
case, it consists of the time path of the control variables.

Under the regularity conditions on F, the value function J satisfies the Hamilton—
Jacobi-Bellman equation [Kamien and Schwartz (1991, p. 261)]:

rJ(s) = mlax{F(k, D —q'k+ Ji(s)' (I — 8k} (44)

A partial list of the regularity conditions on the value function includes: (8 +r)Jx + g —
Juik >0 (equivalent to Fy > 0), J; > 0 (positive shadow price of capital; follows from
the adjustment cost assumption of F; < 0), and a necessary condition that J is convex
in prices (because J is a maximum problem).

The behavioral functions are derived by differentiating J (-) with respect to the exoge-
nous variables to yield a generalized Hotelling’s Lemma. Specifically, a differentiation
with respect to § and rearrangement yields:

=05 (r g (k, 9) + k), (45)

where we write J(k, s) to remind us that £ is an argument of J. Thus, the following
holds on the optimal path:

rJ(s) = F(k, k* + 6k) — §'k + J()k*. (46)
The steady state value of % is obtained by setting &* = 0 and solving:
k* +rJz(k*,s) =0. (47)

Given the regularity conditions on J (-), a duality between F(-) and J (-) is established.
Let

F*(k, I) = min{rJ (k,§) + 'k — Jx(k, §)'(I — 5K)}. (48)
q

Heuristically, the duality prevails if J derived from (43) is used in (48) to derive F*(-),
and F*(-) = F(-). Inversely, if F derived from (48), by using J that maintains the
regular conditions on J, is used in (43) to derive J*, then J = J*. This is the meaning of
the duality, but as in the static case, this relation is seldom exploited in empirical work.
However, there is a revealed difference in aspiration between the static and dynamic
analyses. As discussed above, the empirical duality analysis sprung up as an alternative
to the primal approach for estimating production functions. The dynamic analysis is
focused on the derivation of the demand for the quasi-fixed factors of production. As
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such, the interest is in the empirical performance of (44) and (47) and the conditions
underlying their derivation.

The empirical implementation requires algebraic formulation of the value function.
The quadratic function, in the pertinent variables (or a monotone transformation thereof,
such as logarithms or power functions), has been widely used because of its conve-
nience:

J(s) =ap+ (a,’ca(’}) (g) + %(k’é’) (g;]; 22’; ) (2) , (49)
where ag, ag, k, and ¢ are column vectors, and the A;; are matrices of conforming
dimensions. Given (49),

Ji=az+ Asick+ Azard;  Jir = Ag. (50
Substitute in (47) and impose k = k*:

k= —r(I +rAzx) Nag + Az5d), (51)
where [ is the identity matrix. Substitute (50) in (45) and simplify using (51),

F=ME—k);, M=d+rAg™h (52)

where M is the adjustment matrix. Note the similarity of Equations (52) and (40). In
addition to the fact that (52) is a differential equation and (40) is a difference equation,
Equation (52) is a multivariate equation and M is expressed in terms of coefficients of
the value function. Otherwise, in empirical applications, the two versions are similar
in form, so that the foregoing discussion provides a foundation for the distributed lag
formulation. Using a discrete time approximation, the empirical equation can be written
as

ki = (I — M)k;_y — MK (53)

The adjustment matrix, M, is constant, but under a different specification of the value
function it can become a function of some exogenous variables.

6.9. Empirical investment analysis in agriculture

The following review of individual studies is intended to span the space of the empirical
parameters, and to convey the cumulative experience which should help us in forming a
view of the scope of the various approaches and to learn from their inherent difficulties.
This should help in outlining the strategy for future research. Our discussion is limited
to the estimation of investment functions and will skip over the important conceptual
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and practical issues involved in measurements of capital (see for instance: [Griliches
(1963c), Ball et al. (1993b), Larson et al. (1999)].

Unlike studies of production or supply functions, there are only a few empirical stud-
ies of investment in agriculture using the direct or primal approach. Griliches (1960,
1963c¢) studied the demand for tractors in the United States in 1921-1957 using a dis-
tributed lag framework where the desired stock is determined by the real price of tractors
and by the interest rate. The results show the importance of price variables as determi-
nants of investment.

Heady and Tweeten (1963, Chapter 11) analyzed the purchases of all farm machinery
in the United States in the period 1926-1959, excluding 1942-1947. They report a gar-
den variety of regressions. The core explanatory variables are machines-to-commodity
price ratio, a ratio of equity to liabilities of the farm sector, or alternatively a measure of
farm income, a time trend, and in some cases, the lagged value of the dependent vari-
able. They conclude that “. .. a 1 percent increase in the price of either trucks, tractors or
equipment aggregate . .. is predicted to increase respective annual purchases 1 percent;
stock 0.2 percent in one or two years. In four years the elasticity of machinery purchases
Q; with respect to P; remains about unity, but with respect to Pr [commodity price —
YM] is 2 or more. A sustained 1 percent rise in prices received by farmers is expected
to increase stock for these same items 0.2 percent in one or two years, 0.5 percent in
four years and more than 2 percent in the long run” (pp. 327-328). The trend variable
was robust, and the equity/liability ratio had the right sign and was significant. This can
be interpreted as a sign of cyclical behavior, with higher investment in good times.

As in many empirical applications, their equations contain fewer variables than what
is called for by the theory. Presumably, the equation should include all prices and a
measure of technology. In general, with a short time series the empirical equation does
not sustain all the pertinent variables. For instance, in the study of Heady and Tweeten
(1963), the inclusion of more prices was not supported by the data. One way to deal with
this problem is to collapse the prices and other exogenous variables into one measure,
the rate of return. The higher the expected rate of return, the higher the investment
demand. The rate of return can be thought of as a proxy for the gap between the expected
marginal productivity of capital and the rental rate, labeled as z in Equation (42).

Mundlak (1964a, Chapter 6) used a panel of farm micro data to study investment
in farm structures using the accelerator formulation and demonstrated the importance
of aggregating the data over time in order to eliminate the noise that exists in annual
micro data. This finding is consistent with lumpy investment and is not supportive of
the idea of a convex cost of adjustment function that results in a gradual adjustment. As
indicated earlier, this may be typical for many investments in agriculture.

The application of firm theory to the estimation of the aggregate industry investment
function overlooks the fact that the supply of capital goods is not perfectly elastic. One
way to incorporate this element is to estimate the allocation of total investment to the
various sectors. This is the approach taken by Mund!lak, Cavallo, and Domenech (1989)
for Argentina, and Coeymans and Mundlak (1993) for Chile. The differential sectoral
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profitability is measured by the rate of return. The long-run elasticity with respect to the
ratio of sectoral rates of return is roughly 1 in both countries.

6.10. Dynamic factor demand using duality

The empirical application of the static expectations model assumes that every year the
firm recalculates its plans conditional on the new information on prices and technol-
ogy. The model provides an interpretation of the flexible accelerator, and it facilitates a
convenient way to estimate the adjustment pattern of the quasi-fixed factors. The empir-
ical inference has substantive and analytic aspects. The first is judged by the economic
meaning of the results, regardless of the method used to derive them. The second is
more complex. For the theory to be applicable, the empirical results should be con-
sistent with the underlying conditions of the model. For the duality to be of interest,
the prices should appear as arguments in the derived factor demand, their coefficients
should have the right sign, and the value function should be convex in the prices. That is,
in terms of Equation (49), A5 should be positive definite. In what follows, we summa-
rize findings, pertinent to our discussion, of some leading studies dealing mostly with
agriculture. Some of these studies use micro data, while the others use macro data.

There is a similarity in the basic assumptions underlying the static and dynamic dual
analysis. Most important is the assumption, often made regardless of the level of ag-
gregation of the data, that the factor supply and the product demand are all perfectly
elastic. Other than that, the technology is generally represented by a time trend. The
term “capital” is used freely to any aggregate of capital goods. Our foregoine discus-
sion indicates that the demand elasticity for an input depends on its production elasticity
or factor share. Thus, we should expect a different demand elasticity for a single item,
say machinery, than for an aggregate measure.

Epstein and Denny (1983) applied the Epstein (1981) model to the US manufacturing
annual data for the period 1947-1976. This application has had an influence on the
studies in agriculture, and we therefore begin by reviewing here some of its pertinent
sections. The technology is represented by a cost function, and hence the value function
is derived by choosing the investment that minimizes the present value of the time path
of the cost of production. Because it is a minimum problem, the value function should
be concave in prices, which implies that the matrix analogous to A;; in (49) should be
negative definite. In the estimation, the symmetry in price response was imposed, but the
nonnegativity condition is violated. The authors argue that the violation is statistically
only marginal. Following this line of thinking, we should note that the origin is also
included in the joint confidence region for the price coefficients, which means that the
null hypothesis of no price response cannot be rejected. The authors are aware of this
problem, but do not accept the outcome because it is inconsistent with the concept
of duality underlying the analysis. This raises the question of what do we learn from
superimposing a model which is rejected by the data. The cost of this procedure is that
we avoid the search for the reasons of the violation of confirming duality with the given
sample.
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The results show that labor and capital turn out as quasi-fixed. The rate of adjustment
is fast for labor, an adjustment coefficient of 0.9, which implies a closure of the gap in a
little over a year. On the other hand, the rate for capital is slow, an adjustment coefficient
of 0.12, which means that it takes about 8 years to close the gap. The adjustment matrix
is not diagonal, implying an interaction in the adjustment of the two factors toward their
steady exogenous values. The authors are disturbed by the direction of the interaction.
“It implies that a ‘deficient’ stock of labor reduces the demand for capital” [Epstein and
Denny (1983, p. 660)]. This finding is acceptable, however, with the choice of technique
approach.

The own price elasticities for capital and labor are negative but small, both in the
short run and the long run. The largest numerical value is the long-run elasticity of
capital, which varies between —0.25 and —0.18 for the three reported years. Because
the technology is represented by a cost function, output is one of the arguments of the
factor demand and, as in the studies based on the primal approach, it has a much stronger
influence on demand. “With respect to output changes, a different pattern emerges. The
short-run labor elasticity is roughly 0.6 and the long-run is roughly 60 percent higher.
Most of the changes in labor occur in the short-run. For capital, the short-run response
is negligible while the long-run response is large, an output elasticity approximately
equal to 1.4” [Epstein and Denny (1983, p. 662)]. This implies that in the long run labor
expands at about the same rate as output but capital grows at a faster rate, which is
consistent with capital deepening and also with the hypothesis that capital is a carrier of
new techniques.

The authors are aware of the fact that the theory is a micro theory, but it is applied to
aggregate data. There would be no difference between the micro and macro models if
the firms were similar in some sense, and the micro unit would be representative of the
firms in the industry. However, the conditions for this, as developed by the authors and
which are similar in nature to those of linear aggregation, are stringent. In the case of
the cost function, the value function should be linear and additive in k and y. Specifi-
cally, this implies no interaction between size of the firm and factor intensity, which is
unlikely in the case of heterogeneous technology. The authors estimate the model under
these conditions and find that “. .. the resulting structure failed to satisfy the regularity
conditions” [Epstein and Denny (1983, p. 662)]. In passing, it should be indicated that
even if the stringent conditions for aggregation were maintained, there would still be the
problem of upward-slopping factor supply that would differentiate between the micro
and macro studies.

Turning to agriculture, we begin with macro studies of the US agricultural sector or
industries thereof. One of the earliest applications of the duality model is the study by
Vasavada and Chambers (1986) of the factor demand of US agriculture.*® The model
deals with four input categories: land, labor, machinery, and materials. The results in-
dicate that land, labor, and capital services are quasi-fixed factors, and materials are

48 Lopez (1985b) used the cost of adjustment in studying the dynamics of the Canadian food processing
industry.
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variable factors. The univariate flexible accelerator hypothesis is rejected; thus the ad-
justment process of the various factors is interdependent. The results show a long ad-
justment period for capital (10 years) and labor (9 years), and a short period for land
(2 years). This pattern is puzzling, but before going deep into the rationalization of the
results, it is noted that the coefficients of the adjustment matrix are mostly nonsignif-
icant. This suggests that the null hypothesis of no adjustment might not be rejected,
in which case there is no response to changes in the desired values. Obviously, this is
inconsistent with the fact that inputs change every year.

An inspection of the price coefficients indicates that with the exception of materials,
the own-price coefficients are not significantly different from zero. Furthermore, “Be-
cause all the diagonal elements are not positive, convexity of the value function cannot
be accepted” [Vasavada and Chambers (1986, p. 955)].4°

Luh and Stefanou (1991) estimate factor demand for US agriculture in 1950-1982.
Like Vasavada and Chambers (1986), they also obtain a slow convergence to long-run
equilibrium values: 0.15 of the gap for capital and 0.11 for labor. Interestingly, unlike
Vasavada and Chambers (1986), they find independent convergence of labor and capital.
This is consistent with the idea that the equations are strongly influenced by the factor
supply.

Taylor and Monson (1985) study the factor demand in the US southeastern states
in the period 1949—-1981. The quasi-fixed factors are land and farm machinery, which
the authors refer to as capital. The variable factors are labor and materials. “Fifteen of
the estimated 26 parameters are at least two times their corresponding asymptotic stan-
dard errors” (p. 5). The price coefficients have the correct signs, hence monotonicity is
maintained. Convexity is largely maintained. It seems though that most of the insignif-
icant coefficients are those of prices, and this weakens the finding on convexity. The
price elasticities, both short-run and long-run, are mostly low and fairly distant from 1.
The hypotheses of independent rates of adjustment and instantaneous adjustment are
rejected. The rate of adjustment was 0.55 for machinery and 0.18 for land, which means
that it takes roughly two years to close the gap in machinery and six years to close the
gap in land.

Howard and Shumway (1988) study the US dairy industry in the period 1951-1982.
The analysis deals with two quasi-fixed inputs: herd size and labor, whereas feeds is a
variable input. They use a modified version of the generalized Leontief equation. Their
untested justification for the use of a micro model to the study of the industry is basi-

4 Vasavada and Chambers (1986) remark that “... [tlhere are no estimated diagonal elements with nega-
tive point estimates whose asymptotic confidence intervals do not encompass zero and positive numbers at
traditionally reasonable levels of significance. Hence, the divergence from convexity, if it exists, may not be
significant” (p. 955). This is not a strong supporting argument. It can be conjectured that if a joint confidence
region were constructed for all the diagonal parameters in question, it would contain the origin, implying that
the quadratic term in prices can be omitted; this reduces the model to absurdity.
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cally the assumption that the technology is invariant to the size of the firm.’ A similar
assumption was tested by Epstein and Denny (1983) and was rejected.

As to the results, “Nearly half of the parameters were significant at the 5 percent level,
which was quite robust compared to other estimated dynamic dual models” [Howard
and Shumway (1988, p. 842)]. This is hardly a complimentary comment, and it illus-
trates the difficulties associated with the application of the model. R is high for the
inputs but low for the output (0.29).>! The adjustment rate for cows and labor is 0.09
and 0.4 respectively. This raises a question: When prices change, why would labor re-
spond when the adjustment in herd size is sluggish? It is suggested that “[t]he slow
adjustment of cows is consistent with the very inelastic short-run milk supply found in
previous studies” [Howard and Shumway (1988, p. 842)]. This now suggests that the
capital stock is a function of output, but this is an explanation that the present model
intends to replace and as such it is questionable. A different line of reasoning suggests
that because the study deals with the industry as a whole, the changes in output reflect
expected changes in aggregate demand, and this possibility is not accommodated by the
model.

The monotonicity conditions on the value function were held at nearly all observa-
tions. However when the convexity was imposed, the model did not converge, and this is
an indication of inconsistencies. “All the short-run own price input demand elasticities
were negative, but the output own-price elasticity was positive for only fifteen of the
thirty-two observations” [Howard and Shumway (1988, p. 844)]. In dynamic models,
a sign reversal can happen in the short run, but this would have to come from a sign
reversal in some inputs. This is not shown to be the case here. “The short-run, own-
price input demand elasticities for cows and labor became more elastic over time. The
increasing own-price elasticity for labor was consistent with the increasing proportion
of hired to family labor over the period” (Ibid., p. 845). Again, the question of identifi-
cation comes up. With what we know about the declining number of farm operators in
the US (as elsewhere), the question is whether this is not a reflection of changes in labor
supply rather than in labor demand.

Next, we review two studies that extend the assumption of the model to allow for a
difference in the pace of adjustment between positive and negative investment. Chang
and Stefanou (1988) apply the model to a panel data of 173 Pennsylvania dairy farms
in 1982-1984. Hired labor and feeds are variable inputs, whereas family labor, herd
size (cow), real estate, and equipment are quasi-fixed. Results are reported only for the
adjustment coefficients, so that we cannot evaluate the impact of the specification on

50 «The dairy industry consists of many price-taking firms, and theory suggests that in long run competitive
equilibrium all such firms operate at the minimum average cost . .. it is necessary and sufficient for consistent
aggregation across firms that the value function be affine in capital” [Howard and Shumway (1988, p. 840)].

5! The actual empirical equation is not presented. However, in general, the inputs are regressed on their
lagged values and the other variables. When the dependent variable is quasi-fixed, the regression is of a stock
variable on its lagged value. Such equations in general show a very good fit. The output is a flow variable, and
this may explain its relatively low value.
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the price coefficients. It is stated that “... at least half of the parameter estimates are
significant at the 10 percent significant level especially those associated with prices of
variable factors” (p. 149, italics by YM). If this statement suggests low precision of
the estimated price coefficients, as in the other studies, the results are better for the ad-
justment coefficients, where most of the own adjustment coefficients are significant at
the 1 percent level. The adjustment of the four quasi-fixed inputs are interdependent.
There is a difference in the response when asymmetry is allowed for. “In the symmet-
ric model, the estimated own adjustment coefficient for durable equipment is 0.8072,
the highest among four quasi-fixed factors. The adjustment rates for family labor, herd
size and real estate are relatively more sluggish. In the asymmetric specification the ad-
justment of durable equipment also appears to be sluggish. Family labor and herd size
follow a similar adjustment pattern in that the contracting adjustment rate is higher than
the expanding one. .. The adjustment rates for real estate and durable equipment are
somewhat confusing in terms of their signs and magnitude” (p. 151).

Lansink and Stefanou (1997) extend further the asymmetric model by allowing also
for changes in the investment regime. The model is applied to a sample of specialized
cash crop farms in Holland, 1971-1992. There are 4,040 observations, 2.4 percent of
which reported negative investment, 29.4 percent of which had zero investment, and
the remainder of which had positive investment. Quasi-fixed inputs are machinery and
rootcrop-specific area. Fixed inputs are the total area of rootcrops and other outputs and
labor. There are two outputs, rootcrops and ‘others’. Variable inputs include pesticides,
fertilizers, and ‘others’.

“This model contains 92 parameters, including two parameters related to the expected
error terms in Equation (20). The estimated model generated 49 percent of the param-
eters estimated significant at the critical 5 percent level. Convexity ... is found not to
hold” [Lansink and Stefanou (1997, p. 1346)]. It is concluded that the parameter differ-
ence between the two regimes is significant for the adjustment parameter of machinery
and the parameter relating machinery investment to the quality of labor. Simulation
shows response to prices in both the probability of being in a particular regime and in
the magnitude.

Finally, “The adjustment rate for machinery is 13 percent a year toward the long-run
equilibrium machinery target in the presence of a disinvestment regime and 7 percent
a year in the presence of an investment regime” (p. 1349). The rate of disinvestment
is in line with conventional rates of depreciation used for machinery, which suggests
disinvestment by attrition.

Under the assumption of static expectations, firms recalculate the optimal plan ev-
ery year conditional on the prevailing prices and technology. But prices are subject to
variations and the firms know it, so they must exercise some judgment as to the per-
manence of a given price regime. This brings up the question of expectations. Luh and
Stefanou (1996) replace the assumption of static expectations with “nonstatic expec-
tations”, which are introduced by first order autoregressive regressions. The model is
applied to US agriculture, using two alternative data sets. The quasi-fixed inputs are
capital and labor. The results are not invariant to the data set. The hypotheses of static
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price expectations are all soundly rejected for one data set but not for the other. Sim-
ilarly, the test for independent adjustment rejects the null (independence) for one set
but not the other. Quasi-fixity is accepted for both sets. As to the rate of adjustment:
“While estimated adjustment rates vary, taken together these results suggest that capital
and labor take two to three years to adjust to their long-run equilibrium levels. Other
adjustment cost models for US agriculture . . . report adjustment rates for capital and la-
bor ranging, respectively, from 9 percent to 55 percent and from 7 percent to 40 percent.
Our study predicts moderate adjustment speed for capital but much faster labor adjust-
ment compared to other studies” [Luh and Stefanou (1996, pp. 1001-1002)]. Not all the
required properties of the value function are met (Table 6). The authors are disturbed by
the fact that the results are sensitive to the data sets.

Thijssen (1996) compares static expectations with rational expectations, using panel
data of Dutch dairy farms, 1970-1982. The specification is different from the studies
reviewed above in that labor and land are treated as exogenous; capital is the only en-
dogenous variable. The results obtained by imposing the constraints of the rational ex-
pectations do not make sense and are inconsistent with the theory. The results with static
expectations give elasticities of long-run demand for capital of 0.59, —0.45, and —0.13
for the prices of output, capital services, and variable inputs, respectively. However, the
coefficients of labor and land are insignificantly different from zero.

The impact of the resource constraint on the demand of the factors that are allowed to
vary can be evaluated by comparing the short-run and long-run price elasticities. Output
control as a component of agricultural policy introduces another constraint. Fulginiti
and Perrin (1993) and Moschini (1988) showed that production quotas on a product
reduce the supply elasticities of the nonmanaged products. This can be attributed to the
reduction in the scope for substitution. Richards and Jeffrey (1997) use the dynamic
duality framework and data for Alberta dairy farms over the period 1975-1991. They
attribute the impact to the investment that is tied up in the purchase of production quotas,

which may amount to ... half of the total cost of establishing a dairy farm, may cause
farmers to face a real capital constraint” (p. 555).
As to the results, monotonicity and symmetry are not rejected, but “... imposing

convexity on the full four quasi-fixed inputs model caused the estimation procedure to
fail to converge” (Ibid., p. 561). The model was reduced to contain only two quasi-
fixed inputs, but “[a]s with the full model, the reduced model does not converge with
convexity imposed parametrically. Given these results, further estimation proceeds with
two quasi-fixed inputs, dairy cattle and quota licenses, with only symmetry imposed”
(Ibid., p. 561). The estimated adjustment coefficients were 0.0995 for quota and 0.1556
for cattle. Obviously, the adjustment of the quotas to their long-run equilibrium is slow,
and the question is whether this reflects only the demand side or, as with the studies
based on industry data, the slow adjustment reflects the changes in the supply of quotas.

6.11. Discussion

We can now repeat the questions asked in our summary discussion of the static dual
approach to the estimation of the production functions. These should be answered at
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two levels: methodological and substantive. On the methodological level, the answer is
simple: The approach provides an efficient and powerful way to discuss and formulate
dynamic factor demand. Similar to the static duality framework, this assertion is true
regardless of the outcome of the empirical analysis. In this respect, the claim made
by some of the authors that the empirical analysis tests the validity of the competitive
conditions is not accurate. The most that can be claimed for the empirical analysis is
that the conducted tests are of the particular specification. A rejection of a particular
specification is not a rejection of the competitive conditions.

The substantive message is more complex. Like in the static case, the essence of
the duality framework is the ability to identify the technology by means of prices. It
is therefore only natural that we concentrate our aitention on the role of prices. The
results with the dual dynamic framework are similar, if not more pronounced, to those
obtained in the static case in that the convexity in prices of the value function is generally
violated. Moreover, the price effect is relatively weak, and the long-run price elasticities
and, of course, the short-run elasticities of the factor demands are relatively low. In some
cases the whole price matrix is not significantly different from zero. All this suggests
that the raison d’étre of the duality model is put to question. We return to possible
explanations below.

The dynamic dual approach concentrates on the behavioral equations and grossly ne-
glects the inference on the production function itself. This is a good example of the
principle of comparative advantage. The dynamic behavior indicates a gradual adjust-
ment to the prevailing, and ever-changing, gaps between the desired long-run values of
the quasi-fixed factors and their current values. This result is obtained by the inclusion
of lagged values of the dependent stock variable in the empirical equation, as has been
the case with the exogenous dynamics. The difference between the two approaches is
that the dual dynamic model connects the adjustment coefficients to those of the value
function. This can be considered the strength of the approach, but at the same time it
also represents its weakness. In essence, this approach attributes the whole dynamics to
the internal cost of adjustment. The empirical results show that in most cases the adjust-
ment is sluggish, and in this respect it is also not different from those obtained under
(the presumably naive approach of) exogenous dynamics.

There are many investment studies in nonagriculture with cost of adjustment. Often
the empirical equation includes output as a variable. In the exogenous dynamics case,
output is introduced to the model through the explicit expression of the marginal produc-
tivity of capital, and as such, the output coefficient is related to the production function,
or through the cost function when the technology is represented by the cost function.
On the other hand, in the endogenous dynamics models it is introduced also, and some-
times solely, through the expression for the adjustment cost, and as such it describes a
completely different process than that implied from the first case. In summarizing the
empirical record in nonagriculture, Chirinko (1993) notes that output performs well in
explaining investment and that the performance of prices is rather weak. He also notes
a lack of robustness of the results.
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Can all these results be rationalized? There are two aspects of the decision to investin
any given year: growth and timing. The growth aspect reflects the long-term view about
the prospects of the contemplated investment. The question is when to act. The timing
aspect is related to the prevailing price variability which generates opportunities for cost
reduction, or capital gains. This possibility is ruled out in a world of static expectations
where the current prices are assumed to remain constant indefinitely. This is the reason
that the value function can be formulated in terms of the annual capital charges (rental
rates) rather than in terms of the total expenditures on the capital goods. It is only under
the latter formulation that the expected capital gains constitute a component of the rental
rate, as for instance in (32) or (34). The prospects for capital gains introduce cyclical
considerations into the model. This also holds true for the interest rate which varies over
time and also across individuals, reflecting their financial position. However, the interest
rate is taken to be constant, as in the empirical studies reviewed above.

Furthermore there is the problem of price expectations. There are no clear-cut system-
atic differences in the estimates associated with different assumptions about the nature
of the price expectations. It is difficult to conceive that the expectations do not matter,
so it must follow that the tried alternatives have something in common, probably an
error component. When the price variables are subject to measurement error, their esti-
mated coefficients are likely to be biased downward. This problem is more serious for
the capital goods than for the variable inputs because they require price forecasts for
the entire lifetime of the project. If this argument is true, the own price elasticities of
the variable inputs should have a lower downward bias and also be more precise (have
higher t-ratios) than those of the durable inputs. A superficial inspection of the studies
reviewed above indicates that this might be the case.

Duality is a micro theory, and therefore the applications with macro data add ad-
ditional problems. The question of whether the macro function can be considered as
that of the representative firm has already been mentioned above. But the test of the
conditions for the ideal aggregation that will allow this interpretation deals only with
the consequences of aggregation. There is still the problem that the factor supply and
product demand are not perfectly elastic as the model assumes. Consequently, there
is an identification problem, and the estimated coefficients reflect both supply and de-
mand. This problem is shared also with the static estimates, but the dynamic model has
an additional problem in that the pace of the closure of the gap is likely to reflect the
pace of the changes in the factor supply or product demand. For instance, in interpret-
ing the studies on US agriculture it is important to note that the movement of labor
and capital have taken opposite directions. The decision of labor to leave agriculture is
a decision made by households on their employment conditional on the opportunities
outside agriculture. As for capital, its supply is not perfectly elastic, and agriculture
has to compete with other industries for resources. This is consistent with the study
by Lee and Chambers (1986), which tests for the credit constraint in US agriculture in
1947-1980 and concludes that farmers do not face a perfectly elastic supply of funds
or credit (p. 865). As such, it is also supportive of the discussion on the choice of tech-
nique.
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For the micro data, we noted that in many cases the investments are lumpy. A tractor
is not purchased gradually, a piece at a time, and similarly for a milking shed. This
pattern is masked in the analysis with macro data because the aggregation over firms
gives a smooth time path of the investment, but the results do not shed light on the
decisions made at the farm level.

Why does output perform better in studies where it appears as a variable? The forego-
ing discussion suggested some reasons for a revealed weak price response. In addition,
as illustrated in the foregoing discussion, a change in price has direct and indirect ef-
fects on the desired capital stock, and the indirect effect is considerably larger. Thus,
part of the effect of output on the desired capital stock may reflect an indirect effect of
price. In addition, changes in output represent not only price effects but also changes
in technology. As technology is the engine of growth, it probably plays a key role in
explaining actual investment in many cases.

In conclusion, the endogenous dynamics models have two basic limitations. First,
they describe a dynamic process in terms of unobserved variables, and thereby lose the
main potential of explaining the timing of investment; and second, their only engine for
the dynamics is the internal cost of adjustment. There has been no obvious advantage to
their performance in empirical analysis nor has there been any particular insight gained
by their empirical application.

7. The scope for policy evaluation

In the discussion of duality, the question was raised as to where we go from here. At
this stage, it is clear that this question should be addressed within the broader framework
that has evolved from the foregoing discussion. The core of the production structure, as
outlined above, can be summarized by the following functions:

y(u, k, T) Production function (54)
vip,w, k, T) Demand for nondurable inputs (55)
w (v, s(v)) Supply of nondurable inputs (56)
k* (s **)) Capital demand on the optimal path (57)
k(k*, s(k)) Actual capital (58)
T(s(T)) Implemented technology (59)

where s(x) is the vector of the exogenous variables pertinent to the supply or demand
of x, whichever the case may be. Specifically, s(v) are the exogenous variables that
affect the supply of the nondurable (variable) inputs, s (k™) affect the capital demand on
the optimal path, s(k) are the variables that determine the dynamics of convergence of
the capital stock to the optimal path, and s(7") determine the implemented technology.
Some of the exogenous variables were discussed explicitly above, others are discussed
in the references or are left in an implicit form. In passing we note that the role of these
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variables in empirical analysis is still to be more fully unveiled in future research. The
system should also include land which is not dealt with explicitly here because we have
already covered considerable ground without land. Mechanically, we can think of land
as being a component of capital, in which case the supply condition of this component
should be carefully specified.>?

To obtain the dynamics of the supply, substitute the functions (55)—(59) in the pro-
duction function to obtain

ylpsw, s(), sk, s(k), s(T)]. (60)

Obviously, a function of the form y(p, w) cannot capture all the complexities of Equa-
tion (60). The function serves as an approximation whose quality depends on the im-
portance of the missing exogenous variables, which in turn depend on the data base.
More generally, this is the problem of estimates based on duality which depend heavily
on prices. When dealing with micro data with constant technology, the only relevant
issue that will differentiate between the general expression in (60) and y(p, w) is the
handling of capital. On the other hand, when dealing with aggregate time-series data,
all the exogenous variables may have an important impact.

Can such systems be evaluated empirically? The answer is positive, as has been
demonstrated by Cavallo and Mundlak (1982) and Mundlak, Cavallo, and Domenech
(1989) for Argentina; Coeymans and Mundlak (1993) for Chile; Lachaal and Womack
(1998) for Canada; and at a lower level of aggregation, McGuirk and Mundlak (1991)
for the Punjab agriculture under the Green Revolution. These studies show clearly that
agriculture responds to prices following endogenous dynamics, of a different form from
those discussed above, and that it takes time for the response to reach its full course.

Studying the production structure in all its complexities is both research-intensive
and promising. What is the alternative? I will leave it for the reader to formulate his or
her own answer. However, in thinking of an answer, we have to keep in mind that more
than 70 years have passed since the work of Douglas. During this period, considerable
work and ingenuity has been directed to improve the specification and the estimation
method, but as we have indicated, there is no simple, robust way to describe reality.
In part, the reality has many faces, and in part the researchers have many faces. As in
Rashamon, we vary in our reports of the same phenomenon.

With this background, we can now address the cardinal question of what effect pol-
icy can have on production. Traditionally, the evaluation of the consequences of policy
is limited to the examination of resource allocation. The present framework introduces
an additional dimension, the determination of the implemented technology. The de-
pendence of the implemented technology on the environment is the key factor to un-
derstanding why less-developed countries lag persistently behind the performance of
developed countries. The economic environment is affected by policies, sector-specific

52 For a discussion of land, see [Mundlak (1997)].
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as well as sector-neutral. The response to changes in the economic environment is not
immediate, and it is therefore important to spell out the role of the dynamics of response
through resource allocation and the choice of the implemented technology. This is what
the above structure does.

7.1. Summary and conclusions

We have reviewed the more important issues concerning empirical production and sup-
ply analysis with emphasis on agriculture. In order to confront aspiration with reality,
we have deliberately substantiated the main arguments with explicit, and in some cases
detailed, references to the reviewed studies.

The literature, spread over 50 years of research, has evolved from analysis of spe-
cific issues concerning the production function per se to analysis which binds together
competitive conditions with the technology. Initially, the incorporation of competitive
conditions dealt with static (one period) analysis, and this was extended later on to dy-
namic analysis. The lack of robust, and often of meaningful, results triggered a search
in several directions: better precision in the estimation, an appropriate parameiric form
of the production function, or avoidance of a parametric presentation altogether, and
ultimately the consequences of heterogeneous technology. To some extent, the differ-
ent approaches have been associated with different questions asked and consequently
resulted in different results, which are not always comparable. This complicates the
assessment, and consequently the evaluation of a given approach is done by compar-
ing the results with the underlying assumptions and expectations, as well as with the
substantive message. This state of affairs is unsatisfying because the essence of dual-
ity is that knowing the production function, one can derive the behavioral equations
and conversely, but the analysis is seldom carried out that far. Still, the search in the
various directions has been essential for the understanding of the process, for marking
the boundaries of the empirical analysis, and for developing alternative approaches that
might overcome some of the difficulties. This is research.

The primal approach consisted initially of the estimation of a Cobb—Douglas produc-
tion function using both micro and macro data. The main yield of these studies consists
of production elasticities, a check of the prevalence of profit maximization, and a mea-
sure of economies of scale. The results have not been robust and have varied with the
samples. We have provided some numerical results for the production elasticities which,
on the whole, show that labor elasticity in agriculture is smaller than in nonagriculture,
indicating that agriculture is more susceptible to changes in the cost of capital and less
to changes in the wage rates than nonagriculture. Economies of scale have been de-
tected mainly in strictly cross-sectional studies and are attributed to statistical bias due
to the correlation between the unobserved idiosyncratic productivity and the input level,
or simply the endogeneity of inputs. The main approaches to overcome this statistical
bias have been the use of covariance analysis in panel data and the use of prices as
instrumental variables (and more recently a combination of the two). The covariance
analysis also provides a measure of the managerial ability — the idiosyncratic produc-
tivity — of the various firms (or other observation units such as a country or a region
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as well as time). This measure is based on the same concept as that of the residual, or
the TFP.

The extension of the analysis to production functions with richer parametric presen-
tation offered greater flexibility in fitting the function to data, and bred expectations
for more robust results. How do such extensions modify the conclusions drawn from
the Cobb—Douglas model with respect to elasticities, profit maximization, and scale
economies? In most cases, no comparison of the production elasticities obtained by the
different functions is reported. Perhaps additional work would be required, perhaps this
question has not come up, but there is also a more profound reason. The more gen-
eral functions are either nonlinear in the parameters (such as the CES, or some of the
quadratic functions) or contain too many parameters which leads to multicollinearity,
and therefore are not easy to estimate directly. The situation is simplified considerably
when the parameters are estimated from the first order conditions for profit maximiza-
tion, rather than from the production function itself. This requires the imposition of
profit maximization on the model. In many cases, the dependent variables are the fac-
tor shares, or a monotone function thereof. This procedure precludes the testing of the
profit maximization and of economies of scale. The explanatory variables in these equa-
tions are the inputs. Thus, the essence of such extensions is to attribute the differences
in the factor shares across observations to the variations in the input ratios, whereas in
the Cobb-Douglas case the elasticities are constant. In many cases the variability in the
input ratios in the sample is not sufficiently large to induce the observed spread in the
factor shares.

Because the parametric enrichment of the specification of the production function
generated the need to use the first order conditions for profit maximization in empirical
analysis, it thereby eliminated the possibility of testing this hypothesis empirically. This
state of affairs generated a potential scope for the nonparametric methods which offers a
simple test for profit maximization. One can think of a two-stage analysis: a preliminary
test of the hypothesis by nonparametric methods, and if the hypothesis is not rejected,
a follow-up with parametric specification that imposes the conditions for profit maxi-
mization. Unfortunately, this course of action suffers from the fact that under technical
change, the test for profit maximization loses much of its purity. The allowance for tech-
nical change implicitly utilizes profit maximization, and thus the analysis loses not only
its purity but also much of its usefulness. Having said this, we note that there is a more
profound consideration. The question of profit maximization is not a qualitative one that
can be answered yes or no. Even if profit maximization is the rule, there are deviations
from the first order conditions, and therefore the imposition of these conditions in the
estimation may lead to erroneous results. Such deviations from the first order conditions
may reflect considerations such as risk, dynamic considerations in the case of the price
of durables, or simply a discrepancy in the price perception between the econometrician
and the firms.

Given the estimates of the primal function, it is possible to calculate the elasticities
of the behavioral functions, product supply and factor demand, and the value of the ob-
jective functions, profit, cost, or revenue as the case may be. Duality offers a reverse
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course of action where the point of departure is the objective function. When the ob-
jective function is known, it can be used to derive the production function. In principle,
there are several reasons to use duality in empirical analysis. First, it is a powerful theo-
retical concept. Second, prices are thought to be exogenous and therefore can be used to
identify the technology, thereby overcoming the endogeneity of the inputs in the direct
estimation of the production function. Third, it may provide a useful presentation of the
technology. The first point is valid, but the problem is in its empirical implementation.
The second point is valid only for micro data, but even then the method does not uti-
lize all the information available for the identification of the production function, and
as such it is not efficient compared to the primal estimates. The third point is valid only
when the implemented technology is independent of the prices.

When the objective function is rich in parameters, the dual specification is reduced
for empirical analysis by the use of the envelope theorem to yield empirical equations
where the dependent variables are inputs, outputs, or factor shares. Those are regressed
on the pertinent prices, time trend, and sometimes output. When the change in the use
of inputs is decomposed to price, trend (a proxy for technology), and output effects, it
is found that trend and output capture most of the change, whereas the role of prices
is the least important. Thus the contribution of prices to the explanation of inputs or
output variations is rather limited. Duality between technology and prices holds under
well-defined conditions that can be tested empirically. In most studies these underly-
ing conditions are not fully met; in particular the concavity of the cost function or the
convexity of the profit function is violated. Therefore, the estimated technology is in-
consistent with the basic premises of the model.

The price elasticities of factor demand and product supply are usually obtained under
the assumption that producers are price takers in the product and factor markets. On the
whole, the own-price elasticities are less than one. There is no uniformity in the signs of
the cross elasticities, but in general, most inputs appear to be substitutes. The magnitude
of the own and cross elasticities reflects in part the fact that in reality factor supplies are
not perfectly elastic as the models assume, and therefore the results need not represent
demand-driven substitution as is thought. This is the case with respect to elasticities
related to labor, land, and capital. We further elaborate on this subject below.

With respect to other findings, interestingly, on the whole the studies based on duality
do not show increasing returns to scale. Technical change, obtained by including a time
trend in regressions of factor shares, is largely labor-saving, capital-using, and fertilizer-
using, with the results for land being somewhat ambiguous.

The interest of agricultural economists in the behavioral functions had long preceded
the work on production functions. The work on supply response, which was triggered
by policy considerations rather than methodological innovations, is similar in nature to
that of the empirical estimation of behavioral functions that emerged from the estima-
tion of the dual functions. The initial work on supply response was in part intuitive; it
lacked the duality framework, and basically it had been inspired by the primal approach.
Still, it emphasized two related cardinal topics whose importance has not diminished:
quasi-fixed factors and dynamics. The root of the importance of these topics is in the
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fact that static analysis is timeless, whereas data are dated. This requires that behavioral
equations will be conditional on the available quantities of quasi-fixed factors, a condi-
tion that has been overlooked in many (but not all) of the studies based on duality. Such
functions are termed short-run, or restricted, functions. Supply elasticities derived from
short-run functions are inversely related to the relative importance of quasi-fixed factors
(as measured by their factor shares). The larger is the relative weight of the quasi-fixed
factors, the larger is the gap between the short- and long-run supply (or factor demand)
elasticities. This gap was well highlighted by distributed lag analysis which introduced
dynamics into the empirical analysis. The distributed lags model is a powerful empiri-
cal tool because of its simplicity. But when the distributed lags model is applied to the
outputs or inputs that are endogenous in the short run, this simplicity is achieved at the
cost of ignoring the underlying production structure. The extension of the analysis to
the long run requires determining the optimal level of the quasi-fixed factors, and this is
done within the framework of multipericd optimization, an important subject of current
research.

Intertemporal optimization determines the optimal time path for durable goods, or
simply capital goods. The first-order conditions for optimization using the primal ap-
proach sets the marginal productivity of capital equal to the user cost at any point on
the optimal path. Endogenous dynamics are generated within the model, mostly by the
inclusion of adjustment costs, whereas exogenous dynamics superimpose the dynamics
on the model without an explicit expression for the causality. Under the dual approach,
as in the static case, the value function is specified parametrically and serves as a start-
ing point for deriving the factor demand. There is a similarity in the basic appearance
of the empirical equations of these alternative approaches in that they all express the
capital demand in terms of incentives and the existing capital stock.

There are two aspects of the decision to invest in any given year: growth and timing.
The growth aspect reflects the long-term view about the prospects of the contemplated
investment, and the timing aspect is related to the question of when to act. The expected
profitability of investment is affected by changes in technology and prices. Over the
long haul, technology changes more than real prices. In fact, in the case of agriculture,
investment has taken place in spite of a decline in real prices. Yet, the emphasis in em-
pirical analysis has been to explain investment in terms of prices, while technology is
represented by time trend. This is particularly true for studies based on the dual ap-
proach. Time trend is not sufficiently reflective of the changes in technology. Thus it
might be more promising to measure the incentives in terms of the rate of return on cap-
ital, which summarizes the information on technology and prices, rather than in terms
of prices.

The dynamic dual approach provides an efficient and powerful way to discuss and for-
mulate dynamic factor demand. However, the results with the dual dynamic framework
are similar, if not more pronounced, to those obtained in the static case in that convexity
in prices of the value function is generally violated. Moreover, the price effect is rel-
atively weak, and the price elasticities, and especially the short-run elasticities, of the
factor demands are relatively low. In some cases the whole price matrix is not signifi-
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cantly different from zero. All this suggests that the raison d’étre of the duality model is
put to question. On the other hand, in studies which, for whatever reason, include output
as an explanatory variable, output appears as a very prominent variable. It is suggested
that this is due to the fact that output is a good proxy for profitability and may reflect
the effect of technical change, as well as prices.

There are several possible reasons for the poor performance of prices. Some of them
are due to the fact that duality is a micro theory, and therefore the applications with
macro data add additional problems. In addition, there is the problem of long horizon
which requires generating expected prices, and technology for that matter, for the en-
tire lifetime of the investment. These have to be generated, and there is considerable
scope for error. In addition, in the case of the dual approach, the specification is very
parameter-intensive, and this creates imprecision in the estimation of individual coeffi-
cients.

The empirical results indicate a gradual and sluggish adjustment to the ever changing
gaps between the desired long-run values of the quasi-fixed factors and their current val-
ues. This raises a question whether the sluggish response is the outcome of the internal
cost of adjustment or alternatively a reflection of the fact that total resources are lim-
ited and the economy is facing an upward-slopping factor supply, which may be fairly
inelastic.

As we progress with the review, it has become evident that some of the difficulties
that have been encountered in the empirical work could be accounted for if we allow
for heterogeneous technology. Changes in the available technology and in the economic
environment generate opportunities for firms to seize on. The implementation of new
available technologies is governed by economic considerations and is affected by the
variables used in conventional analysis, such as prices or capital. It is suggested that the
scope of this approach should be further investigated as a step in our attempt to come
up with a uniform and robust framework that would be applicable to a wide range of
economic and physical environments. An important advantage of this framework is that
it provides a channel for introducing the direct effect of policy on productivity.

To conclude, in spite of all these difficulties of obtaining a uniform robust model, we
know today quite a bit about orders of magnitude of some important parameters.
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